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Abstract - This paper proposes a fuzzy data mining method that can find utilities of various
combinations of linguistic values in product factors. The main aim of the proposed fuzzy rule-based
method is to develop a useful decision making tool by discovering simplified fuzzy if-then rules, whose
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consequent part is a real number, from numerical data by using the proposed data mining technique
based on genetic algorithm to automatically determine several pre-specified parameters. Then, the
antecedence and consequence of a fuzzy rule are referred to as a combination of linguistic values and
the corresponding utility of the antecedent part, respectively. To demonstrate the usefulness of the
proposed methods for supporting decision makers to make appropriate marketing strategies, we use
computer simulations on questionnaire data for evaluating service quality of fast food stores to analyze
possible combinations linguistic values that can acquire larger or smaller utilities.
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