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Abstract

Precoding has been considered a promising technique in multiple-input multiple-output (MIMO)
transmission. In general, the design criterion depends on the detector used at the receiver. For
the maximume-likelihood (ML) detector, the criterion is known to maximize the free distance.
Unfortunately, the derivation of the optimum solution is difficult, and suboptimum solutions
have then been developed. In this dissertation, we study the precoder design for the ML detector
in MIMO and MIMO relay systems. In the first part of this dissertation, we consider a simpli-
fied precoding scheme, namely, transmit antenna selection. To maximize the free distance, it is
necessary to conduct exhaustive search for the selection pattern. To avoid the problem, lower
bounds of the free distance derived with the singular value decomposition (SVD) or QR de-
composition (QRD) were developed. We propose a QRD-based selection method maximizing
the corresponding lower bound. With some matrix properties, we theoretically prove that the

lower bound yielded by the QRD is tighter than that by the SVD. We then further propose a



basis-transformation method so that the lower bound yielded by the QRD can be further tight-
ened. The proposed method is also extended to antenna selection in amplify-and-forward (AF)
MIMO relay systems, and other types of selections such as receive antenna selection, and joint
transmit and receive antenna selection. Simulations show that the lower bound that the proposed

methods evaluate can approach the true free distance closely.

As mentioned, the optimum precoder for the ML detector is difficult to derive. Recently, a
simple design method, referred to as X-structured precoding, was proposed to solve the prob-
lem. This method first adopts the SVD to transform the MIMO channel into parallel subchan-
nels. Then, the subchannels are paired to obtain a set of 2 X 2 subsystems and 2 X 2 sub-
precoders can be designed. Due to this special structure, the ML detection in the receiver can
be conducted on 2 x 2 subsystems, reducing computational complexity significantly. Several
methods have been developed to solve the X-structured precoder. However, most of them use
numerical searches to find their solutions and require table look-ups during the run time. In the
second part of this dissertation, we propose a simple but effective method to solve the prob-
lems. The proposed precoder has a simple closed-form expression and no numerical searches
and table look-ups are required. We also extend the proposed method in joint source/relay pre-
coders design in two-hop AF MIMO relay systems. With the proposed source subprecoder,
the joint design problem can be significantly simplified. Simulations show that the proposed
X-structured precoding for MIMO relay systems significantly outperforms other types of pre-

coding methods.

Calculation of the precoder requires full channel state information and is conducted in the
receiver in general. In real-world applications, a codebook is designed for the precoder, and
only the index of the codeword is fed back. In the final part of this dissertation, we investigate
the codebook design problem in X-structured precoding. Unlike the conventional precoding,
X-structured precoding requires two codebooks, one for a unitary matrix and the other for 2 x 2
subprecoders. The challenges are that the quantized unitary matrix cannot yield the X-structure

and the receiver cannot conduct ML detection on 2 x 2 subsystems. We show that the proposed

vi



X-structure precoding scheme can still be used, and propose low-complexity detection schemes
to solve the detection problem. Simulation results show that the proposed method can effec-
tively reduce the computational complexity of the receiver and at the same time improve the

system performance.
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Chapter 1
Introduction

N recent years, the multiple-input multiple-output (MIMO) technique has been widely adopted
I in wireless communication systems. In MIMO systems, it is well-known that transmis-
sion with spatial multiplexing can provide higher spectral efficiency without bandwidth expan-
sion [1]. However, its performance heavily depends on the condition number of the channel
matrix [2]. For ill-conditioned channels; the performance of a MIMO system can be degraded

seriously. Precoding is an effective method to overcome this problem.

The precoder design problem has been extensively studied in the literature. With the mutual
information criterion, a power allocation method referred to as mercury/water-filling [3] was
proposed for parallel Gaussian channels, and the obtained precoder, being diagonal, is shown
to be the optimum power allocation scheme. For general MIMO channels, the optimum pre-
coder has also been studied in [4]. However, the computational complexity of the optimum
precoder can be very high in solving a so-called fixed-point equation. Except for mutual infor-
mation, there are also other criteria used for the precoder design. Precoders that maximize the
signal-to-noise ratio (SNR) or achieve minimum mean square error (MMSE) were developed
for linear receivers in [5-8]. Although the computational complexity of linear receivers is low,
the performance is often not satisfactory. Two non-liear receivers are well known: successive in-

terference cancellation (SIC) and maximum-likelihood (ML) detection. The optimum precoder
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for the QR-SIC receiver, minimizing the block error rate (BLER), has been solved with geomet-
ric mean decomposition (GMD) [9, 10]. In addition, the optimum precoder for the MMSE-SIC
receiver was also solved with uniform channel decomposition (UCD) [11]. To further improve
the performance, bit loading was jointly considered with precoding in MIMO transceiver design
in [12, 13]. It is known that the performance of an ML receiver is dominated by the minimum
distance of received signal constellations, referred to as free distance. This suggest that the
design criterion for the ML detector is equivalent to maximizing the free distance. Unfortu-
nately, this optimization problem is known to be difficult; the optimum ML precoder remains
unsolved. In this dissertation, we study the precoder design for the ML detector in MIMO and

MIMO relay systems.

In the first part of this dissertation, we first consider a simplified precoding scheme, namely,
transmit antenna selection. Consider a MIMO system with NV; transmit antennas, N, receive
antennas, and M transmitted bit-streams.- In transmit antenna selection, only M antennas are
selected for signal transmission though there are /V; antennas. The idea of this scheme comes
from the fact that the cost of antennas is low while-that of radio-frequency (RF) chains is rela-
tively high. With a feedback channel, the transmitter can conduct the optimum selection such
that the performance of the M x NV, system can approach that of the un-selected NV, X [V, system.
Since the number of the RF chains is reduced, the implementation cost of the MIMO system can
be reduced. Many methods for antenna selection have been proposed. In [14], antenna selection
maximizing the capacity was considered and performance was analyzed. Several selection cri-
teria for linear receivers were proposed in [15], including post signal-to-noise ratio (SNR) max-
imization and mean-square-error (MSE) minimization. It is known that nonlinear receivers can
outperform linear receivers. However, antenna selection for a nonlinear receiver is also more
involved. In [16], a selection method for ordered-successive-interference-cancellation (OSIC)
was proposed, and in [17], a selection method for the ML receiver was proposed. The method
in [17] minimizes the union bound of the error rate and its computational complexity can be

very high. As mentioned, the performance of the ML receiver is determined by the free dis-
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tance, and we can then maximize the free distance in the selection problem. With this method,
the authors in [18] conjectured that the diversity for antenna selection in the ML receiver is
N, + Ny — M. Unfortunately, finding the free distance requires an exhaustive search, and the
computational complexity can be prohibitively high. To reduce the computational complexity,
a singular value decomposition (SVD) based method was proposed in [18]. The SVD-based
method selects the antenna subset that maximizes the smallest singular value of the channel
matrix. It was shown that this singular value can serve as a lower bound of the free distance. An
alternative lower bound using QR decomposition (QRD) was also derived in the literature [10].
It is obtained with the smallest diagonal entry in the R-factor of the channel matrix, where the
R-factor is the upper-triangular matrix obtained with the QRD of the channel matrix. Although
the computational complexity of the SVD-based or QRD-based method is low, the tightness of

the lower bounds have not been analyzed before.

To improve the performance of the selection, we propose a QRD-based selection method
maximizing the smallest diagonal entry:in the R-factor of the channel matrix. We theoretically
prove that the lower bound achieved with-the- QRD-based method is tighter than that with the
SVD-based one. The tightness of the lower bound is related to the spread of the diagonal en-
tries in the R-factor. If the spread is smaller, the lower bound is tighter. This property motivates
us to propose a basis-transformation method further tightening the lower bound of the QRD-
based method. The idea is to find a basis transformation for the transmitted symbol vector so
that the spread can be reduced. We propose two basis-transformation matrices to do the work.
The first one is the permutation matrix, and the second one is the transformation matrix used
in lattice reduction (LR) [19,20]. The LR technique has been used in antenna selection [21]
for performance improvement. The selection method in [21] is designed for a linear detector
operating in the basis-transformed domain. In our method, LR is used only for the derivation of
the transformation matrix. An ML detector operating in the original basis is used at the receiver.
Therefore, the role of LR is much different from that in [21]. We theoretically prove that the

proposed basis transformations can further tighten the lower bound obtained with the original

3



QRD-based method. The basis-transformation method needs extra QRDs, and the computa-
tional complexity will be increased. We propose an efficient permutation method and the use
of Givens rotations to reduce the computational complexity of our selection methods. Except
for transmit antenna selection, we also consider the applications of the proposed algorithms in
other scenarios which include receive antenna selection [22-24], joint transmit/receive antenna
selection [25], and antenna selection in amplify-and-forward (AF) MIMO relay systems. For
receive antenna selection, no feedback is required and this will be a great advantage in high mo-
bility environments. In some scenarios, the number of receive antenna elements may be limited
due to the size constraint. Joint transmit/receive antenna selection provides a solution to this
problem. MIMO relay systems have been extensively studied recently since they can provide
range extension or diversity enhancement for MIMO systems [26,27]. In general, it is desirable
to minimize the hardware complexity in a relay. Antenna selection is then a good candidate for

the performance enhancement in the systeni:

As mentioned, the optimum precoder for the ML detector is difficult to derive. Recently, a
simple suboptimum method was proposed to solve-the problem. It first uses SVD to transform
the MIMO channel into parallel subchannels. Then, the subchannels are paired to obtain a set
of 2 x 2 MIMO subsystems, and 2 x 2 subprecoders are designed to maximize the free distance
in the MIMO subsystems. We refer this approach as precoding with X-structure which has been
considered in [28-30]. Precoding with X-structure not only facilitates the precoder design, but
also yields a low-complexity ML receiver since only 2 x 2 MIMO subsystems have to be dealt
with. For 4-QAM, the optimum complex-valued subprecoder was first found in [31]. The result
was extended to higher QAM constellations in [32], but the optimality is no longer held. An
orthogonal subprecoder derived from a rotation matrix was proposed in [29]. The advantage of
this approach is that the precoder has a simple closed-form expression. However, the closed-
form expression of the optimum rotation angle is available only for 4-QAM. A numerical search
is required for the angle in higher QAM constellations. Recently, an optimum real-valued

subprecoder was developed [30]. It also requires the numerical search for the optimum precoder
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though simpler. Note that both orthogonal and real-valued precoders require table look-ups
during run time. In the second part of this dissertation, we propose a design method for the X-
structured precoder. The main idea is using the GMD method in the subprecoder design. With
the proposed method, no numerical searches are required in the design phase and no table look-
ups are required during run time. In addition, the existing subprecoders are only valid for 2 x 2
subsystems. In other words, the subprecoder designed for more than 2 x 2 has to be numerically
resolved [33]. On the contrary, the GMD solution can be easily extended to the subprecoder
with higher dimension. Simulation results show that the performance of the proposed method

is almost as good as the existing methods.

In recent years, cooperative communications have been considered a promising method to
improve the performance of point-to-point MIMO systems [26,27]. By employing relays be-
tween the source and destination, the signal can be transmitted via the source-to-relay and then
relay-to-destination link. Multiple antennas can be equipped at each node to form a MIMO re-
lay system. In the MIMO relay system, both the source and relay nodes can conduct precoding,
referred to as joint source/relay precoding.-Several joint precoders designs for AF MIMO relay
systems have been proposed. In [34,35], the precoders maximizing the channel capacity were
developed. In [36-42], the precoders using the MMSE criterion were designed for the linear
receivers. To the best of our knowledge, the joint precoders design in the MIMO relay system
with an ML receiver has not been considered before. We then extend the proposed methods for
MIMO systems to MIMO relay systems. However, the problem becomes much more involved
in this case and a closed-form solution is difficult to obtain. We then propose iterative meth-
ods to derive the source and relay precoders, individually and repeatedly. First assume that the
relay precoder is given; the source precoder design can then be easily solved by the proposed
MIMO precoder. Then with the solved source precoder, the relay precoder can be solved and
updated. The derivation of the relay precoder for a given source precoder, however, is much
more complicated due to the fact that the MIMO relay channel is a nonlinear and complicated

function of the relay precoder. We then propose two methods overcoming the problem such that
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the relay precoder can be efficiently solved with Karash-Kuhn-Tucker (KKT) conditions [43].

Simulation results show that the proposed method significantly outperform existing methods.

To derive a precoder, CSI is generally required. The precoder can be calculated in the
transmitter or receiver. If it is calculated in the transmitter, CSI must be fed back, and if it
is calculated in the receiver, the coefficients of the precoder must be fed back. In real-world
applications, feedback of the perfect CSI or precoder is difficult. To have lower distortion, the
feedback of the precoder is generally preferred. In general, the coefficients of the precoder are
not fed back individually. Instead, a codebook is designed for the precoder, and only the index
of the codeword is fed back. This approach is referred to as limited-feedback precoding in
the literature [44—48]. In the final part of this dissertation, we investigate the codebook design
problem in X-structured precoding. Due to the quantization error, the channel matrix cannot
be fully diagonalized and the X-structure cannot be:maintained. Therefore, the subprecoders
developed in [28—-30] may not be applicable. We show: that the proposed subprecoders can
still be used in the limited-feedback system. Unlike the conventional precoding, X-structured
precoding requires two codebooks, one for a unitary matrix diagonalizing the channel matrix
and the other for the subprecoders. We propose using vector quantization (VQ) [49] to construct
the codebook for unitary matrices. As for the subprecoder, the proposed methods only require a
rotation angle and quantized angles can serve as the codebook. The other problem in the limited-
feedback system is that the receiver cannot conduct ML detection on the 2 X 2 subsystems.
We then propose interference-cancelation-based low-complexity detection schemes to solve the
problem. This method combines 2 x 2 ML detection combined with SIC. Simulation results
show that the proposed method can effectively reduce the computational complexity of the

receiver and at the same time improve the system performance.

This dissertation is organized as follows. Chapter 2 considers the antenna selection scheme
and proposes the basis-transformation method to achieve near-optimum performance. Chapter
3 details the proposed X-structured precoding for MIMO and MIMO relay systems. Chapter

4 extends the use of the proposed subprecoder to limited-feedback systems. Finally, Chapter 5
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draws conclusions and outlines possible future works.






Chapter 2

Antenna Selection for ML Detectors in
Spatial-Multiplexing MIMO and MIMO
Relay Systems

In this chapter, we first consider the transmit-antenna selection in spatial-multiplexing MIMO
systems. For ML detection, it is well-known that optimum selection criterion is to choose the
antenna subset giving the maximum free distance. However, the optimum solution is difficult to
obtain since evaluating free distance requires an exhaustive search. To reduce the computational
complexity, we resort to maximizing an lower bound of free distance, instead of free distance
itself. In Section 2.1, we propose using a QRD-based lower bound as the selection criterion,
and show that the lower bound yielded by QRD is tighter than that by SVD. However, the QRD-
based lower bound may not be tight enough when the size of the MIMO system becomes large.
In Section 2.2, we then propose a basis-transformation method to further tighten the QRD-based
lower bound. In Section 2.3, we consider the issue of computational complexity and propose
some low complexity methods for implementation. In Section 2.4, we show that the proposed
methods can be easily extended to other applications. Finally, we evaluate the performance of

the proposed methods in Section 2.5.



§ 2.1 Lower bounds for free distance

§ 2.1.1 System and Signal Models

Consider a spatial-multiplexing wireless MIMO system with /N, transmit antennas and N, re-
ceive antennas, as described in Figure 2.1. Let N, > M, N, > M, and H denote the N, x N,
channel matrix. In transmit antenna selection, the receiver first selects M transmit antennas
according to a selection criterion, where M is the number of transmitted bit streams. Let each
transmit antenna subset be represented by an index p. Then, via a feedback channel, the receiver
sends the index of the optimum antenna subset back to the transmitter. Finally, the transmitter
uses the selected antennas for signal transmission. Note that there are (]Avj) antenna subsets,
each of which corresponds to an N, x M MIMO channel. Let z; be the symbol transmitted

at antenna 7 and X = [1q,,,..., 2] where ()T répresents the transpose operation. The

corresponding received signal vector can then be expressed as
y=H,x+n 2.1)

where H,, is the channel matrix corresponding to the selected antenna subset and n is the /V, x 1
Gaussian noise vector. Assume that each entry of n is identically and independently distributed
(i.i.d.) with the covariance matrix of 0?I, , where o is the noise variance and Iy, is an N, X N,
identity matrix. The ML detector searches all possible symbol vectors to obtain an estimate X

such that

x = min [y — H,x|| (2.2)

xeXM

where XM is a set consisting of all possible transmitted symbol vectors. We also define X as
the symbol-vector constellation of x.
It is well known that the performance of ML detection in high SNR depends on the free

distance defined as

diee = min  ||H, (x — x')|| (2.3)

x,x/ exM Jx#x!

10



where (.)¥ represents the Hermitian operation and (x — x’) is the difference vector. The free
distance represents the minimum distance of the received signal constellation. Therefore, the
optimum antenna selection criterion [18] for the ML receiver is equivalent to choosing the an-
tenna subset whose H,, gives the maximum free distance. We can compute the free distance of
each candidate channel matrix using (2.3), and then choose the antenna subset with the largest
dtree- This optimum solution can be found by an exhaustive search over all possible (]Avj) candi-
date channel matrices and all difference vectors. However, this exhaustive search requires very
high computational complexity when considering a large number of transmitted bit-streams
with a large-constellation modulation scheme. A suboptimum approach is considered to mini-

mize a lower bound of the free distance, instead of the free distance itself.

§ 2.1.2 Lower Bound with SVD-Based Method

Let H,, be an N, x M full column-rank matrix with its SVD given as H, = UAV ¥, where U is
an N, x N, unitary matrix, V is an M x M unitary matrix, and A is an N, X M diagonal matrix.
The non-zero entries of A are the singular values'of H,,. Define the symbol constellation of z,
as A}, and the minimum distance of X, as
Amin (X)) = min |op — ] - (2.4)
2l € Xy 2 Al

Also define the minimum distance of the symbol-vector constellation, X, as

din (X)) = min  [x—X|. (2.5)

x,x/ exM Jx#x!

In a spatial-multiplexing MIMO system, x’s are usually uncorrelated. Thus, we can have
dmin (XM) = min {dmin (Xl) ) dmin (X2) PRI dmin (XM)} . (26)

Note that if x;’s are correlated, (2.6) is not valid in general. With (2.6), d iy (X M ) can be
easily computed for QAM constellations. Let a QAM symbol be represented by a; + jag
where a; € {£1,£3,---} and ag € {£1,+£3,---}. We then have dy, (X)) = dpin (X2) =
s = digin (Xur) = 2 and dipin (XY) =min{2,2,...,2} =2
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Using the Rayleigh-Ritz theorem, the SVD-based lower bound of the free distance was

derived in [18] as

dfree > )\Mdmin (XM) (27)

where Ay, is the minimum singular value of the matrix H,. Note that (2.7) is different from
that in [18] by a factor of M. The reason for this is that the free distance in our application is a
relative not absolute value. Since all H,’s are of the same dimension, scaling the free distance
will not change the selection result. Thus, the factor M is omitted for simplicity. The lower
bound in (2.7) indicates that the free distance can be evaluated with A\, and dpin (X M ) It
is simple to see that the value of d;y, (X M ) is the same for each H,. Thus, with the SVD-
based method, only the minimum singular value of each H,, is required to compute, and the
computational complexity can be reduced dramatically. However, the main problem for the
SVD-based method is that the lower bound (2.7) may not be tight enough. An alternative lower
bound of the free distance derived from the QRD was developed in [10]. In this dissertation, we

propose the use of this lower bound for solving the antenna selection problem.

§ 2.1.3 Lower Bound with QRD-Based Method

The matrix H,, can be factorized in the form of H, = QR, where Q is an N, x M column-
wise orthonormal matrix and R is an M x M upper-triangular matrix with positive real-valued

diagonal entries as

Ry Rip ... Rium
R — 0 R.272 e RQ,M
0 0 ... Ruywm

As mentioned, the matrix R is also referred to as the R-factor [10] of H,. Let [R]; denote the

kth diagonal entry of R. Via this decomposition, we can have another lower bound of the free
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distance as

dree > < min [R]k> i (X)

1<k<M

= [R]mindmin (XM) (2.8)

where [R|ni, represents the minimum diagonal entry in the matrix R. Thus, we propose the
use of (2.8) as a selection criterion, referred to as QRD-based method. In what follows, we
show that the lower bound obtained with the QRD-based method is tighter than that with the
SVD-based method.

For an arbitrary M x M positive-definite matrix A = Hf H,, we can have its eigenvalue
decomposition expressed as A = VXV where ¥ is an M x M diagonal matrix whose
nonzero entries are the eigenvalues of A. It is known that a positive-definite matrix can also be
decomposed by the Cholesky factorization in:the form of A = BDB¥, where D is an M x M

diagonal matrix and B is an M x M unitlower-triangular matrix expressed as

10 ... 0
o [Ba A 0
| Bui Baa ... 1|

The diagonal entries of D are also referred to as Cholesky values [50]. Consider two sequences
o = (01,09,...,0p) and d = (dy,ds,...,dy) consisting of the eigenvalues and Cholesky
values of A respectively. Note that the entries of both sequences ¢ and d are arranged in the
descending order so that 0y > 09 > ... > oy and dy > dy > ... > dy;. With the above
definitions, we can have the following proposition.

Proposition 2.1: For an N, x M full column-rank matrix H,, with its QRD and SVD ex-
pressed as H, = QR and H, = UAVH respectively, the inequality Ay, < [R]min holds true
for all channel realizations.

Proof: 1t is known that the Cholesky factorization of a positive-definite matrix A = Hf H,

is unique [51] and can be expressed as A = BDB¥. With the QRD H, = QR, we can also
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have
A =R"R=R/DR, (2.9)

where R, is an M x M unit upper-triangular matrix and D’ is an M x M diagonal matrix.
Letr = (ry,79,...,7y) and d = (d},d,, ..., d),;) denote the diagonal entries of R and D’
respectively. From (2.9), we know that r} = dj, forall k = 1,2, ..., M. Furthermore, using the
uniqueness property of the Cholesky factorization, it can be seen that the entries of the sequence
d' exactly represent the Cholesky values of A.

Definition 2.1: Letb = (by,bo, ..., by ) and ¢ = (cq, o, - . ., ¢pr) be two positive, real-valued
sequences satisfying by > by > ... > by and ¢; > o > ... > cp. We say that b majorizes ¢ in

the product sense [52] if

l l
2= ]l (2.10)
k=1 [z

foralll =1,2,..., M, and with equality when 1 = M.,
Lemma 2.1: For a positive-definite matrix A= Hf H,, the sequence o majorizes the se-

quence d in the product sense, i.e.,

[Tox =] (2.11)

foralll =1,2,..., M, and with equality when [ = M. This lemma and its proof can be found
in [50,52].
Assume that the entries of both r and d’ are also with the descending order. Then, by Lemma

2.1, we can obtain

oe=1de=]]d=1]" (2.12)

forall [ = 1,2,..., M, and with equality when [ = M. For a positive-definite matrix A =

H/'H,, it is known that o, = A}, where \; is the kth largest singular value of H,. We thus
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have

[HY=1]o>]1I" (2.13)

foralll = 1,2,..., M, and with equality when [ = M. From (2.13), we arrive at that A3, < r%,.
Note that 7y = [R]min. We can have \y; < [R]pnin since both A, and [R ], are positive values,

which completes the proof.

§ 2.2 Proposed Basis-Transformation Method

In the previous section, we see that the lower bound obtained with the QRD-based method is
tighter than that with the SVD-based method. In this section, we propose a method for further
tightening the lower bound of the free distance.. To do that, we first observe how the channel
matrix affects the tightness of the bound in (2.8).- From [10], it can be seen that when the
diagonal entries of R are all equal, the equality in-(2.8) will hold. We then conjecture that
the tightness of the lower bound is related to the spread of the diagonal entries in the R-factor,
defined as the [R]-value spread. The [R]-value spread is the value of [R),, divided by that of
[R]min Where [R]pay is the maximum diagonal entry in the R-factor. If the [R]-value spread is

smaller, the bound in (2.8) is tighter. Now, considering the signal part in (2.1), we have

ys = H,x

= xlhp’l + $2hp’2 + -+ xMhp,M (214)

where hy, ;, is the kth column of H,. Thus, y, can be seen as a vector expanded by a basis

formed by the columns of H,, i.e., [h,1,h,o,- -, h, ], and the corresponding coordinate is
[x1, X9, , @ M]T. With an invertible matrix Z, we can rewrite (2.14) as
ys = H,ZZ 'x
=H,x (2.15)
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where Hp = H,Z and x = Z'x. Thus, the basis is transformed to the columns of I_{p, and
the corresponding coordinate is X = [Ty, Tg, - , T M]T. If a proper Z can be chosen such that
the [R]-value spread of the R-factor in H,, is reduced, then the bound in (2.8) can be tightened.

This is the basic concept of our basis-transformation method.

Using the idea described above, we rewrite the free distance as

dfree = min ||Hp (X - XI)H
x,xleXM,x;ﬁx’

= min |HZZ "' (x—X)|

x,x! € XM xotx!
= min ||H,(x-X)| (2.16)
%5 €M seotx!
where XM is the symbol-vector constellation reshaped by Z~!. In Appendix A.1, we show that
the lower bound yielded by the SVD in (2.7)is still valid. However, di,(X;) becomes diffi-
cult to find since in general dyy;, (./'\_f M ) Z nin {dmin (2\?1) s e+ min (./'\_f M)} where dpin (X;) =
min |Z; — Z}|. On the other hand, the lower bound yielded by the QRD in (2.8) is no longer
valid. From [10], we see that the lower bound'in:(2.8) is derived with the assumption of (2.6).
Thus, if let duin(X?) = min{duin(X1), dumin(Xs), - - - dmin(Xar)}, We can have a new lower
bound from (2.8) as

dfree 2 [R]mindmin(jl)- (217)

As mentioned, dpin (X') # dmin(X™) in general. We cannot conclude that (2.17) is tighter than
(2.8) even when [R]min > [R]min. The other problem with (2.17) is that the value of dp, (X*)
is no longer easy to obtain. This is because after the transformation, the signal constellation
in each dimension is significantly expanded. The challenge in the basis-transformation method
is to find Z such that dp;,(X") can be easily computed and at the same time dp, (X!) =

Anin (X M ). The constraints are stringent and cannot be satisfied by most of the transformations.

Fortunately, we have found two matrices that can do the job.
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§ 2.2.1 Permutation Matrix

The first transformation matrix we propose is the permutation matrix. For a given N, x M
candidate channel matrix H,,, we can have M! different column permutation patterns. Let I,
denote the permutation matrix corresponding to the ith permutation pattern, where 1 < ¢ < M.

We can rewrite the free distance as

diee =  min HHpHiHi_l (x — X')H
x,x’GXM,x;Ex/
=  min ||HILI (x — x| (2.18)

x,x/ exM ,x#x!

where IT7 = II; ' since IT; is an orthogonal matrix. Note that the combinations of TI7 (x — x')

are the same as those of (x — x'), which allows us to rewrite (2.18) as

diee = min _ [[H,IT; (x = x| (2.19)

x,x/ cxM x#£x!

Let R; denote the R-factor of H,II, . The free distance can be bounded as
dfree 2 [Ri]mindmin (XM) . (220)
For a given H,,, we can obtain }/! different R-factors with M! permutations. Denote R as

the R-factor having the largest minimum diagonal entry. Then, the minimum diagonal entry of

R, can be used in the lower bound in (2.8). Then, we have
dfree 2 [Rper]mindmin (XM) (221)

where [Rper|min = max ([Ri]min, [R2)min, -+ * , [Ras]min). In other words, we find the optimum
permutation pattern such that the smallest [R]-value spread can be obtained. We summarize
the proposed basis-transformation method with the permutation matrix (denoted as QRD-based
BT-P) in Table 2.1. Assume that IT; = I,,. Then, [R1]min = [R]min. Clearly, we can have the

following inequality as
[Rper]min > [R]min- (222)

The inequality in (2.22) indicates that this permutation method can improve the tightness of

(2.8).
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§ 2.2.2 Transformation Matrix in Lattice Reduction

The second transformation matrix we found is the basis-transformation matrix used in LR.
The LR technique has been successfully applied to MIMO systems for enhancing the detection
performance [19,20]. The basic idea is to find a new basis for the transmitted symbol vector,
and then signal detection is conducted in the basis-transformed domain. In this subsection,
we propose using the transformation matrix used in LR to obtain tighter lower bound of the

free distance. Note that the ML detection is still conducted in the original basis. With H, =

[hy1,hyo, ..., hy ], we can describe an M -dimensional lattice L as
M
L{by1 by, by} = D sihyy (2.23)
k=1
where s is a complex integer. The vector set {h,;,h,5,...,h, 5/} is a basis spanning L. Let

P be an invertible matrix whose entries are all'complexintegers, and we have
HLR,p = HpP

- [hLR,p,la hLR,p,27 /N hLR,p,M] . (224)

Note that all entries of P! are also complex integers. Thus, the column vectors of the matrix
H r, also form a basis for the same lattice. The LR method finds a basis whose elements are as
orthogonal as possible, and at the same time the magnitudes of the basis elements are as short
as possible. An example of LR with M = 2 is illustrated in Figure 2.2. As we can see, the
reduced basis vectors will have shorter length, and the orthogonality of H; , is improved also.
Several algorithms to implement LR have been proposed in the literature. Among them, the
complex Lenstra-Lenstra-Lovész (CLLL) algorithm is most widely used since its computational
complexity is lower. We then use CLLL as our LR algorithm. The operation of the CLLL
algorithm is summarized in Table 2.2. As we can see in the table, a parameter § € (%, 1)
is defined in CLLL. This parameter determines the orthogonality of the transformed channel

matrix Hygr ,. A larger 0 will make H; g, closer to an orthogonal matrix. However, the CLLL

algorithm will require more iterations to converge and its computational complexity is higher.
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Now, we can conduct LR on H,, to obtain P. Rewrite the free distance in (2.3) as

diee = min  ||H,PP " (x — x/)||

x,x/ cxM Jx#x!

= min ||HLR,p (XLR — XLR) || (225)

xLRox g €N XL R#X]
where x; g — x|z = P! (x — x’) and X} represents the symbol-vector constellation after the
transformation. Thus, we can conduct the QRD on H; g, obtaining H;r , = QrrRir. Using

(2.17), we can have a lower bound of the free distance as
diree > [Rir]mindmin (X'r) (2.26)
where dmin (Xg) is expressed as
Amin (XR) = min{dmin(Xra1), dmin(Xir2), - - dmin (Xiroar) }- (2.27)

In Appendix A.2, we show that d;;, (XER) can be seen as equal to d;, (X M ) As aresult, only
[Rir]min Needs to be evaluated in the comparison of (2.26) and (2.8).
Proposition 2.2: For an N, x M full.column-rank matrix H,, if LR is conducted with the

CLLL algorithm, the following inequality is held;
[RLR]min 2 [R]min- (228)

Proof: See Appendix A.3.

Thus, for a candidate channel matrix, the lower bound obtained with (2.26) will be always
tighter than or equal to the original QRD-based lower bound. We can then select the antenna
subset whose corresponding channel matrix has the maximum [Rg]min. Note that the singular
values of a matrix are invariant under the column permutation operation. Therefore, the tight-
ness of the SVD-based lower bound cannot be improved by the transformation with permutation
matrices. As for the transformation with the LR matrix P, the minimum singular value may also
be enlarged. However, as proved in Proposition 2.1, the resultant minimum singular value will

be still smaller than [Ry R |min-
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§ 2.2.3 Cascade of Permutation and LR Matrices

To improve performance further, we can consider the cascade of a permutation and a LR matrix

as another transformation matrix. Let S; = PII;. The free distance can then be expressed as

diee =  min  ||H,S;S;" (x — x| (2.29)
x,x’GXM,x;Ex/
= min ||HPILIIP (x—x')|. (2.30)

x,x/ exM Jx#x!

With the effective channel matrix H,PII;, the QRD-based lower bound of the free distance can
be tightened even further. In this chapter, we denote QRD-based BT-C as the proposed QRD-
based method with the basis transformation using the cascade of permutation and LR matrices.
Table 2.3 summarizes the operations of the proposed QRD-based BT-C method. Denote R ;
as the R-factor of H,PTI; and [Ru|min as the R-factor having the largest minimum diagonal en-
try among all Ry g ;’s. In other words, [Ras)min = max ([RLr 1] mins [RLr 2] min: =+ » [RLR, M min)-

Thus, we can have the following inequality:

[Rcas]min Z [RLR]min- (231)

From (2.31) and (2.22), we see that the lower bound of [Ras|min is larger than that of [Rper|min
since [Rir|min > [R]min- This, however, does not imply that [Rcas|min > [RperJmin- We can
only say that the probability of [Reas|min > [Rper|min is larger. Furthermore, we can exchange
the cascading order. In other words, we can let the transformation matrix be S; = IL;P;. In
this case, however, we have to conduct LR for each H,II;, and the resultant computational
complexity is then higher. Finally, we can even use a transformation matrix by cascading a
series of permutation and LR matrices. For example, we can have a transformation matrix in
the form of P;IL;PoIT;, where 1 < i < M!and 1 < i’ < M!. Simulations show that this may

not be required. With only one-level cascading, the performance of the selection is very close

to the optimum solution.
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§ 2.3 Implementation Issues and Complexity Comparisons

The computational complexity of the basis-transformation method will be increased due to extra
transformations and QRD operations. To reduce the computational complexity, we proposed

several efficient methods for real-world implementations.

§ 2.3.1 Givens Rotations Method

To reduce the computational complexity of the QRDs, we propose using Givens rotations [53]
to compute each [R;]in. Assume that H,; = Q;R; is available via a complete QRD. Let H,, »
be another matrix obtained by exchanging two neighbor columns of H, ;. We seek to find R,
of H, » without using another complete QRD. Denote IT as a permutation matrix conducting a

column-exchange operation on two neighbor columns, i.e.,
H,>= QRiIT= QR, (2.32)

where R is a near upper-triangular matrix. Now, all we have to do is to transform R, into a
upper-triangular matrix again. Since IT only exchanges two neighbor columns of R, we can
upper-triangulize R, by a simple Givens rotation matrix G1. Then, G;R; = T, where T is a

upper-triangular matrix. Thus we can rewrite (2.32) as
H,; = QGG R, = QT (2.33)

where Q; = Q;G¥ is a unitary matrix. From (2.33), we know that Q,T is the QRD of
H, -, and T is equal to Ry. In other words, we obtain R4 by simply left-multiplying a Givens
rotation matrix on R, rather than by performing a complete QRD on H,, 5. Therefore, we can
dramatically reduce the computational complexity of the proposed basis-transformed method
when conducting the permutation operations. Note that applying Givens rotations will not affect
the performance of the proposed selection methods. Figure 2.3 illustrates an example (for M =

3) how each [R;]min can be derived with Givens rotations.
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§ 2.3.2 Efficient Permutations

Consider a Rayleigh flat-fading MIMO channel matrix H,. With the QRD, we have H, =
QR. It has been shown that the square value of each diagonal entry in R is independently
distributed with Gamma distribution [54]. That is, [R]? ~ G(M +1— k), where G(M + 1 — k)
denotes the Gamma distribution with mean E[[R]?] = (M + 1 — k). Thus, the expectation
of [R]3,, which is equal to one, is the smallest. As a result, [R],s has the highest probability
to be the minimum diagonal entry of R. Also note that Givens rotations have to be conducted
sequentially. Using these two properties, we propose an efficient permutation method to reduce
the required computational complexity. The idea is to conduct permutations in a local rather
than global manner. Define an integer M and M < M. With Givens rotations, permutating
the first M columns of H,, will not change the resultant values of ([R] y7;1, [R]i42; - - - [R]m)-
This is to say if [R]; is the minimum value, these permutations are totally useless. Thus, we
choose the last M — M columns of H,for local permutations. If M is chosen to be much
smaller than M, the computational complexity can be reduced significantly. Note that local
permutations will result in some performance loss. In [54,55], it has been theoretically shown
that E[[R]3,] tends to be larger when the columns of H, are exchanged according the norm-
ascending order. This is referred to as pre-ordering. Thus, we can combine this pre-ordering

with our efficient permutation method to compensate the performance loss.

The idea of efficient permutation can also be applied to the QRD-based BT-C scheme.
As shown in Appendix A.3, the [R]-value spread of Rjy will be effectively reduced with the
CLLL algorithm. Thus, the values of the diagonal entries in Ry g can become very close. Pre-
ordering is then not required. From simulations, we found that due to some special properties
of CLLL, using the first M neighbor columns for local permutations can provide slightly better
performance. For this reason, when conducting efficient permutations for the QRD-based BT-C
scheme, we choose the first M columns of H,,P. The operation of the QRD-based BT-C method

implemented with efficient permutations (denoted as QRD-based BT-E) is shown in Table 2.4.
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§ 2.3.3 Complexity Comparisons

In this dissertation, we use the number of floating operations (FLOPS) required in an algo-
rithm as the measure for computational complexity. Many algorithms for conducting the QRD
and SVD have been developed [53]. In general, the QRD requires less FLOPS than the SVD
does [53]. Thus, the QRD-based selection scheme not only has better performance, but also re-
quires lower computational complexity. In Table 2.5, we summarize the order of computational
complexity in each proposed method.

As we can see, computing [R;], for ¢ = 2,--- M! in either the QRD-based BT-P or
QRD-based BT-C method requires O (M?*M!) FLOPS, which can be reduced to O (M M!)
with Givens rotations. It has been shown that the computational complexity of the CLLL algo-
rithm is O (M*) [56]. Therefore, the total computational complexity of the QRD-based BT-C
scheme with Given rotations is O (M*~+ M M?").. The term M M! may grow rapidly when M
becomes very large, which dominates the total computational complexity. This problem can be
solved with the efficient permutation method proposed in Section 2.3.2. In the QRD-based BT-
E scheme, M can be chosen much smaller;than M, and the resultant computational complexity
can be further reduced to O (M Y+ MM !) =~ O (M*). Although the required complexity will
be increased when LR is considered, the overall complexity is still much lower than that of the

exhaustive search.

§ 2.4 Other Applications

§ 2.4.1 Receive and Joint Transmit/Receive Antenna Selection

Antenna selection can also be conducted at the receiver. As we did in transmit antenna selection,
we can select a subset of receive antennas according to a performance criterion. Here, we select
M out of N, receive antenna elements. Note that the receiver does not have to feed the index of

the selected antenna subset back to the transmitter, which is a significant advantage. However,
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the performance of receive antenna selection may be inferior to transmit antenna selection for
the same number of candidate channel matrices. We now give a simple example to illustrate
this property. Consider a MIMO system with N; = 2, N, = 3, and M = 2, where the channel

matrix can be expressed as

hip hig
H= h2,1 h2,2
hsi hss

From the diversity point of view, we can treat a 3 X 2 MIMO channel H as two separate 3 x 1
sub-channels, each of which is obtained from a column of H. The reason is that either x; or x5
has the same diversity as the original 3 x 2 MIMO system since the ML detection is adopted at
the receiver. This facilitates a simple performance analysis for the antenna selection problem.
For receive antenna selection, z; have three candidate channel columns for selection, which are

denoted as
b, = hia hy = Ay 2\, — h21
ha1 hs.1 hs,
It can be seen that there exists correlation between-any two columns since those candidate
channel columns have the common entries. This correlation will degrade the performance of
receive antenna selection.

Now, consider transmit antenna selection in a MIMO system with N; = 3, N, = 2, and

M = 2, where the channel matrix can be expressed as

H-— hig hig hig
hop hoo hags

For transmit antenna selection, x; also has three candidate channel columns given by

h h h
by — 1,1 Ty — 1,2 Cand hy — 1,3
ha1 ha2 ha3

Note here that three independent columns are available for selection, which is different from

receive antenna selection. This clearly indicates that transmit antenna selection can outperform
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receive antenna selection for the same number of candidate channel matrices. However, as men-
tioned, conducting antenna selection at the transmitter side requires feedback overhead. Thus,
there is a trade-off between the feedback requirement and diversity performance. Also note that
increasing the number of receive antennas may not be always possible due to the receiver size
constraint. Therefore, we can then consider joint transmit/receive antenna selection, conducting
antenna selection at both the transmitter and the receiver side simultaneously, to achieve the
optimum tradeoff.

Consider an N, x N; MIMO channel H, where N, > M and N; > M. We have (1)
X (]L) possible candidate channel matrices. It is worth noting that we only need ﬂog2 (]X;ﬂ
bits for feedback, where [¢] denotes the smallest integer larger than ¢. Besides, joint selection
scheme may provide more candidate channel matrices for a fixed number of total antennas. For
example, if Ny = 4, N, = 4, and M = 3, we have sixteen candidate channel matrices, and only
two bits are required for feedback. If-we conduct pure transmit antenna selection with N, = 95,
N, = 3, and M = 3, the number of the candidates is reduced to ten. Furthermore, the required

bits for feedback will be increased to four. Note that the total numbers of antenna elements are

the same for these two cases, i.e., N; + N, =8.

§ 2.4.2 Antenna Selection in MIMO Relay Systems

Recently, cooperative communications have drawn a great deal of attention in wireless trans-
mission. With the additional relay nodes, spatial diversity can be effectively enhanced. Multiple
antennas can be placed at the source, the relays, and the destination. Such a cooperative sys-
tem is referred to as a MIMO relay system. We now extend the proposed methods to antenna
selection in MIMO relay systems. In this dissertation, we only consider a two-hop amplify-and-
forward (AF) system, as illustrated in Figure 2.4.

As mentioned, we can consider antenna selection at each node for performance improve-
ment. Assume that the relay node is equipped with NV,. antennas. Let Hgg be the N,. x N;

source-to-relay channel matrix and Hgp be the NV, x N, relay-to-destination channel matrix.
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In the AF relay scheme, signal transmission is divided into two phases. Denote p; and ps as the
indices of the candidate channel matrices in Phase I and Phase II, respectively. With antenna
selection at both source and relay nodes, the source transmits the signal x to the relay through
an M x M channel Hgg j, during Phase I. Note that in a two-hop system, the destination cannot
receive the transmitted signal from the source in Phase 1. Thus, the received signal at the relay
can be expressed as y; = Hgg ,, X + ngr, where ngy is a white Gaussian noise vector. In Phase
II, the relay amplifies and retransmits y; through an A x M channel Hgp ;,. The corresponding

received signal at the destination, denoted by y+, can then be expressed as
v2 = Hrpp, (Hsgp, X + nsg) + ngp (2.34)
where ngp is also a white Gaussian noise vector. Equivalently, (2.34) can be written as
y2 = HegpXmngq (2.35)

where Hey, = Hrp p,Hsrp,» Neq = Hrpp,isg + Ngp, and p depends on p; and p,. Note that
the equivalent noise vector n., is colored with the covariance matrix of

0.2
K, = o’ (HRDJ,QHED@ + §1M> (2.36)
SR

where O'SR and JI%D are the variances of ngg and ngp, respectively. To conduct ML detection, the
equivalent noise vector must be whitened and this can be achieved by left-multiplying a matrix

W, on y,, where

M=

o2 -
W, = <HRD,,,2H§IDJ,2 + §1M> : (2.37)
SR
After the whitening process, the resultant received signal can be expressed as
vy = W,He ,x + Wyng, (2.38)

where y, = W, y,. Since the covariance of W ,n., becomes a scaled identity matrix oI, the
selection schemes described in Section 2.1 and 2.2 can be directly used to enhance the system

performance.
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§ 2.4.3 Sphere Decoding Algorithm

The sphere decoding algorithm (SDA) is an efficient method to realize the ML detection in
MIMO systems. In this subsection, we demonstrate the use of our proposed selection methods
for SDA. Considering the signal model in (2.1), the idea of SDA is to search a subset of X'

such that
ly —Hpx|| <~ (2.39)

where « is the radius of the searching sphere. First, we conduct the QRD on H, yielding

H, = QR. Since Q is a unitary matrix, (2.39) can be rewritten as

ly — Hyx|| = |ly — QRx]|
=y’ — Rx||

A5 (2.40)

where y' = Q”y. Let y} denote the‘ith entry of y'. With the upper-triangular structure of R,

we can further rewrite (2.40) as

2
ly — pr||2 = |y§w - RM,M$M|2 + ‘yg\/f—1 — Ry mTm — RM—l,MflxM—l‘ + -

<7’ (2.41)

The expression of (2.41) allows a tree search operation, starting with z ,, for finding the solution
candidates. Then, the candidate with the minimum distance is chosen as the output.

As we can see, the QRD operation is required in the SDA. Thus, the QRD processing unit
can be shared with proposed antenna selection methods. However, if we adopt other selection
methods such as the SVD-based or capacity-based method [18], extra circuits are required to
conduct the SVD or calculate the channel capacity. Thus, with the proposed methods, the imple-
mentation complexity of the receiver can be effectively reduced. The capacity-based method,

maximizing the capacity of the channel matrix, is described as follows. For a given candidate
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channel matrix H,, the channel capacity is expressed as

9

C =log, det (IM + i

H” H,,) (2.42)

where ¢ is the average SNR. The method then evaluates (2.42) for each candidate channel ma-
trix, and selects the antenna subset having the maximum channel capacity. The computational
complexity of the capacity-based method is O (M?), mainly arising from the matrix multipli-
cation and the determinant computation in (2.42). One additional overhead for the method is

that the estimation of the noise variance is required.

§ 2.5 Simulations and Discussions

In this section, we report simulations evaluating the performance of our proposed selection
methods. The simulation setup is described as follows. A flat-fading MIMO channel H is
used; its entries are assumed to be i.i.d. complex Gaussian random variables with zero mean
and unit variance. The modulation scheme is QPSK, and the detection method is ML. Besides,
the parameter ¢ in the CLLL algorithm is set:as-0.99. In our simulations, several selection
methods are compared, including 1) the SVD-based method, 2) the capacity-based method, 3)
the QRD-based method, 4) the QRD-based BT-P method, 5) the QRD-based BT-C method, 6)
the QRD-based BT-E method, and 7) the optimum method realized with an exhaustive search.
Figure 2.5 shows the bit error rate (BER) performance of transmit antenna selection in the
MIMO system. Here, N; = 6, N, = 3, and M = 3. As we can see, the QRD-based method
indeed outperforms the SVD-based method. The performance of the capacity-based method is
comparable to that of the QRD-based scheme. However, the capacity-based method requires
additional information of the noise variance. The QRD-based BT-C method can outperform the
SVD-based by 1.8 dB at the BER of 10~ 4. We also observe that the QRD-based BT-C method
provides the near-optimum performance. These results indicate that the [R]-value spread can be
reduced effectively with the QRD-based BT-C method. The performance of CLLL depends on

the parameter 0. As mentioned, if ¢ is smaller (close to 0.5), the computational complexity will

28



be lower. However, the performance will be poorer. As the value of § we use is close to one,
the columns of the channel matrix will be approximately orthogonal after the transformation.
Thus, the number of the channel columns to be permutated can be chosen as a smaller value for
the reduction of the computational complexity. Here, we let M = 2. In other words, only two
permutation patterns are considered. As we can see, the performance of the QRD-based BT-E
method is almost the same as that of the QRD-based BT-C method. Note that the computational

complexity of the QRD-based BT-E method is much lower.

Figure 2.6 shows the BER comparison for receive antenna selection. We assume N, = 3,
N, = 6, and M = 3. The results show that the proposed QRD-based BT-C method can
also achieve near-optimum performance. As for other methods, the similar behavior can be
observed. Note that we also let the number of candidate channel matrices is equal to that in
Figure 2.5. This allows us to verify the analysis shown in Section 2.4.1. From the figure, we can
see that receive antenna selection indeed-suffers from performance loss compared to transmit
antenna selection, which is consistent with our analysis. Furthermore, another observation is
that the performance gaps between various methods are slightly reduced in Figure 2.6. This

result can also be attributed to the correlation between candidate channel matrices.

Figure 2.7 compares the performance of various selection schemes for joint transmit/receive
antenna selection. Similarly, we let Ny = 5, N, = 4, and M = 3 such that the number of the
total antennas remains the same. Distributing the extra antennas at both the transmitter and
the receiver side, we can have () x () candidate channel matrices to choose from. Note that
receive antenna selection is involved, indicating that its performance may be worse than the
pure transmit antenna selection with the same total number of antennas. However, the number
of the candidate channel matrices becomes larger in this case, and the selection performance

can then be enhanced. Overall, the performance is improved in all methods.

Next, we consider the performance comparison for a two-hop AF MIMO relay system.
Figure 2.8 shows the simulation results. In the figure, the performance is evaluated as a function

of the average SNR per antenna at the relay, denoted as SNRi. Besides, the average SNR per
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antenna at the destination, denoted by SNRp, is assumed to be 25 dB. Here, we let N; = 4,
N, = 4, N, = 4, and M = 3. In this case, we require two bits for sending the optimum
indices of antenna subsets back to the source and the relay node, respectively. With the system
model described in Section 2.4.2, the relay node can receive and retransmit signal with different
antenna subsets, which means we have (;1) X (;1) X (g) X (g) candidate channel matrices to
be evaluated and the computational complexity can be very high. Thus, we can consider an
simplified scheme where the same antenna subset is used for signal reception and retransmission
at the relay. With this simplification, the number of candidate channel matrices is reduced to
64. Similar to the previous results, the proposed QRD-based BT-C method can still achieve
near-optimum performance. In this scenario, it outperforms the SVD-based method by 2 dB at
the BER of 10~%. Note that all the schemes will exhibit an error floor when SNRg, is close to
SNRp. The reason is that as o2 is small, the system performance is dominated by o2p,.
Finally, we provide the BER performance comparison when the ML detection is imple-
mented with the SDA. Transmit antenna selection is considered and the result is shown in Fig-
ure 2.9. The search radius - is determined-according t0 4% = 7 x det (Hpr ) o [57]. We set
7 = 5 so that the SDA can provide good performance and at the same time its computational
complexity remains reasonably low. From Figure 2.9, we can observe that the behavior of each

scheme is very similar to that in Figure 2.5. The performance of the QRD-based BT-C scheme

with the SDA is still comparable to that of the optimum method.
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Table 2.1: Algorithm of proposed QRD-based BT-P method

Algorithm 2.1: QRD-based BT-P Design

(1) For each candidate channel matrix H,,, compute H, ; = H,II, where: = 1,2, ..., M!;
2)fori=1: M!

(3)  [Qi, R;]1= QR Decomposition (H, ;);

(4)  [Ri]min = minimum diagonal entry of R;;

(5) end

(6) [Rper]min =max ([Rl]min, [RQ]min, T, [RM!]min);

(7) Let [Rper]min be the minimum diagonal entry of the R-factor for H,;

(8) Choose the antenna subset whose H,, has the largest [Rper|min;

Tx
Rx
AJ
1
| MIMO
Symbols Spatial | * | Antenna | - | channel . ML
—> . . . . —
multiplexer switch . , . receivers
i )
Feedback channel

Figure 2.1: System model for transmit antenna selection in a spatial-multiplexing MIMO sys-

tem.
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Figure 2.2: LR for M = 2.
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Table 2.2: Operations of CLLL algorithm

Input: Hy,; Output: Q,R,and T ;

(1) [Q, R] = QR Decomposition (H,);
2)0€e(1,1);

(3) M = size (H,, 2);

4 T =1u;

S)ym =2;

(6) while m < M

(7) forg=(m—-1):—-1:1

8) u =round (R, ./ R,,);

9) ifu~=0

(10) Ri:qm) = Ri1:qm) — uRig):

(1) Tim) = Tm) — 4T g

(12) end

(13) end

(14)  if 8 |Rp_1me1> > |Ronml” + |Rm—1m|

(15) Swap the (m — 1)th and mth columns in R and T;
H

(16) Set ® = iﬁ i ,wherea:mandﬂznmﬁ—”;;w;

(17) R(mfl:m,mfl:M) = GR(mfl:m,mfl:M);

(18) Qim-1:m) = Qem—1:m) O™

(19) m = max(m — 1, 2);

(20) else

1) m=m+1;

(22) end

(23) end
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Table 2.3: Algorithm of proposed QRD-based BT-C method

Algorithm 2.2: QRD-based BT-C Design

(1) For each candidate channel matrix H,, P = CLLL (H,);
2)fori=1: M!

3)  [Qirs Rirs] = QR Decomposition (F,PIL,);

(4)  [RLRr;)min = minimum diagonal entry of Ry ;;

(5) end

(6) [Reas)min = max ([RLr 1] mins [RLR2]min, =+ 5 [RLR Mt min) 3

(7) Let [Reas)min be the minimum diagonal entry of the R-factor for H,;

(8) Choose the antenna subset whose H,, has the largest [Res|min;

Hp71 — [hp717 hp727 hpa?’:l

/\

Hp,2 — [hp,Za hp,lvhp,3] Hp,5 — [hp,lv hp,3vhp,2]

l l

Hp,3 — [hp,Qv hp,3a hp,l] Hp,6 — [hp,3v hp,lvhpﬂ]

l

Hpa4 — [hpa?” hp727 hpal]

Figure 2.3: [R;]min computations for M = 3.
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Table 2.4: Algorithm of proposed QRD-based BT-E method

Algorithm 2.3: QRD-based BT-E Design

(1) For each candidate channel matrix H,, P = CLLL (H,);

(2) Choose M < M;

3)fori=1: M!

4)  [Qur,> Rir:] = QR Decomposition (H,PII;);

(5)  [RiR,iJmin = minimum diagonal entry of Ryg ;;

(6) end

(7) (R i = max ([Rir 1) min: [Rir2)mins - <+ 5 [Rig in)min);

(8) Let [REH]min be the minimum diagonal entry of the R-factor for H,;

cas

(9) Choose the antenna subset whose H,, has the largest [Rﬁgﬂ]min;

\ [
Source |FY «—f—F——————————— Tl - | Destination
o/ Feedback channel \ e
/ \
N; N,

Figure 2.4: System model of a two-hop AF MIMO relay system.
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Table 2.5: Complexity comparisons for different antenna selection methods

P [Ri]min [Rii]min fori =2,---, M! Total
QRD-based N O (M?) N O (M?)
QRD-based BT-P AN O (M?) O (M3MY) O (M3M!)
QRD-based BT-P AN O (M?) O (MM!) O (M3 + MM!)
with Givens rota-
tions

P [RLR,1]mins| [Ririlmin fori =2, M! Total
QRD-based BT-C | O (M*) | O (M?) O(M3M") O (M* + M3M?)
QRD-based BT-C | O (M*) | O (M?3) O(MM!) O (M* + MM!)
with Givens rota-
tions

P [Rig1)min | [RiRi]min fori =2+ M! Total
QRD-based BT-E | O (M*) | O (M?) O (M3M) O (M* + M>?M!)
QRD-based BT-E | O (M*) | O (M?) O (M M) O (M* + MM!)

with Givens rota-

tions
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Figure 2.5: BER performance comparison for transmit antenna selection (V; = 6, N, = 3, and

M = 3).
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Figure 2.6: BER performance comparison for receive antenna selection (N, = 3, N, = 6, and

M = 3).
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Figure 2.7: BER performance comparison for joint transmit/receive antenna selection (N, =

5, N, =4, and M = 3).
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Figure 2.8: BER performance comparison for antenna selection in a two-hop MIMO relay sys-

tem (N; = 4, N, =4, N, = 4, and M = 3).

40



BER

| —=A— QRD-based BT-C/

T T
- & - SVD-based
- © - Capacity-based
—P— QRD-based
—HB— QRD-based BT-P|]

—}+— QRD-based BT-E |
—— Optimal (ML)

Figure 2.9: BER performance comparison for transmit antenna selection with SDA (1V;

6, N, = 3,and M = 3).

10 12 14
SNR(dB)

41

16 18 20






Chapter 3

X-Structured Precoding for ML Detectors
in Spatial-Multiplexing MIMO and
MIMO Relay Systems

In this chapter, we will study the design of the X-structured precoder. In Section 3.1, we give
the system model and formulate the problem. In Section 3.2, we review the existing design
methods for X-structured precoding. As mentioned, the design of the X-structured precoder is
equivalent to the design of a 2 x 2 subprecoder, and most existing subprecoder designs require
either numerical searches or table look-up operations. In Section 3.3, we propose a simple
but effective method to solve these problems. We also consider joint sourece/relay precoders
design for a two-hop AF MIMO relay system in Section 3.4. However, it is much more difficult
to derive the optimum source and relay precoders, simultaneously. To overcome this problem,
we propose using an iterative method deriving the source and relay precoders, individually and
repeadtedly. With some mild assumptions, the problem can be transformed to a scalar-valued
optimization problem, and the solution can be solved by using Karash-Kuhn-Tucker (KKT)

conditions. Finally, we evaluate the performance of the proposed methods in Section 3.5.

43



§ 3.1 System Models and Problem Formulation

Consider a precoded spatial-multiplexing MIMO system with NV, transmit antennas and N,
receive antennas, as described in Figure 3.1. Let x = [ry,29, - @ M]T denote the M x 1
symbol vector. In spatial multiplexing, each entry of x is independently chosen from a finite-set

constellation X'. For L-QAM, X is given by
1
X = —{+a+bj a,be(1,3,---,\/f—1) 3.1)
x| )

where K = 2 (L —1). Let H denote the N, x N, channel matrix, which is assumed to be
known at both the transmitter and receiver. Using the CSI at the transmitter, we can design a
N, x M precoding matrix M and conduct precoding by left-multiplying M on x. In general,
the power of M has to be constrained, i.e., tr {MH M} = Pr where Pr is a constant. The

received symbol vector can then be expressed as
y= HMx+ n (3-2)

where n is the Gaussian noise vector. Assume:that each entry of n is i.i.d. with the covariance
matrix of 621y, , where o2 is the noise variance. At the receiver, the ML detector searches all

possible symbol vectors to obtain an estimate x such that

x = min ||y — HMx]|. (3.3)

xexM

The error probability of the detection can then be represented as

Pe:LLMZ,Z,PU (3.4)

where Pj; is the pair-wise error probability (PEP) that a transmitted symbol vector x; is falsely
detected to some other x;. Let d; ; denote the distance between two distinct received symbol

vectors HMx; and HMx;. Similarly, the free distance of the MIMO system is then defined as:

diree = mind; ; = min |IHM (x; — x;)|| - (3.5)

XX EXM,xi;aéx]'
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Thus, the worst-case PEP, denoted by P, can be expressed as P, = @) <\ / @> where Q(.)

202

denotes the Q-function defined as ) (z) = %ﬂ fm e~ % dt. It is simple to see that if dy.. is much
smaller than other d, ;’s, P, will be dominated by P, and the precoder design by minimizing
P, is the same as that by minimizing P,. As a result, the design criterion for M is equivalent
to maximizing the free distance of a MIMO system. The problem now is to find M such that
the free distance is maximized. This problem is known to be difficult since dg.. depends on
the discrete set X™. Note that the error probability P, is also referred to as block error rate
(BLER).

A recently developed method to overcome the problem is the application of the X-structured
precoder [28]. To do that, H is first transformed into parallel subchannels and precoding is
applied on the subchannels. Using SVD, we can have H = UXV ¥, where U is an N, x M
matrix, ¥ is an M x M real-valued diagonal‘matrix, and V is an M x N, matrix. Note that
U"U = VIV =1); and T = diag (A, Ao, <~ - 3 \ir) where \;’s are the singular values of H.
Let )\;’s be arranged in a descending order,i.e, Ay > Ay > -+ > Ay > 0and M = VF, where

F isan M x M matrix. Left-multiplying U ony, we can have the equivalent received signal

model as
r=YFx+n (3.6)

where r = Uy and n’ = U%n is the noise vector with the same covariance matrix as n. In
what follows, we will refer F' as the precoder since M can be derived if F is obtained. Note that
the power constraint of the precoder still holds, i.e., tr {M”M} = ¢r {F”F}. Therefore, we
can have the problem reformulated as:

max min  ||ZF (x — x')||
F x,x/ GXM,x;ﬁx’

st. tr {F"F} = Py (3.7)

The diagonal structure of 3 in (3.7) greatly facilitates the derivation of the solution. The key

idea is to apply an X-structure on F meaning that subchannels ordered according to their singu-
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lar values are paired to obtain a set of 2 X 2 subsystems, and 2 x 2 subprecoders are designed

to maximize the free distances of the subsystems.

§ 3.2 Existing Subprecoders for MIMO Systems

We first focus on the design of a 2 x 2 precoder in (3.7). For M = 2, 3 can be expressed as:

A O cos 0
| —,o| (3.8)
0 X 0 sinvy

_ . . _ _ )\. .
where p = /A? + A3 is the channel gain, and v = tan! </\—f> is an angle related to the
channel. Clearly, 0 < v < 7 so that A1 > )\g is satisfied. With the SVD, an F can be written as
F = UrXrVZ, where both Up and V are 2.x 2unitary matrices and X5 is a 2 x 2 diagonal
matrix. It has been shown in [31] that Uy can be an identity matrix without affecting the

system performance for symmetric QAM modulations. Then V  and ¥ can be parameterized

as follows:

( cosy 0

EF el Y4 PT

0 siny
3.9
cosf sinf 1 0

Vi = 4

\ —sinf cos@ 0 e¥

where 0 <9 < 7,0 < ¢ < 7,and 0 < 0 < 7. Given a set of difference vectors, the optimum

precoder can then be found by a numerical search over all possible values of ¢, ¢, and 6.

§ 3.2.1 Complex-Valued Subprecoder Design

With (3.8) and (3.9), the complex-valued subprecoder, F ., was found in [32]. The solution of

F. is derived by using a numerical search method. Let N = 93185 _ 1. The expression of
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optimum F. is given by

( : :
cos 0 sin 0, e’ %e!
F.i=+vPr o of for v <,
0 0
F.=« (3.10)
cos 0 V2 14
F.,= @ Ve J for v > ,
\ 0 Sin 1, V2 1+
where 0.1, .1, and 1. are given by
_ ~1 1
e = tan (2N+\/§>
0.1 = tan™"' (2sin 1) (3.11)
,QZ)Ca? = tan™' \t/aini“/l

and the threshold 7, in (3.10) is expressed.as

21
= . 12
= tan \/fN2+fN+\/§—1 (312)

It can be seen that two operation modes are used in F.. When v < v, F.; pours all the transmit
power on the strongest subchannel A\; and maps the two bit-streams into a scalar symbol for
transmission. We refer this subprecoder as a rank-deficient subprecoder. When v > ., F 5
utilizes both subchannels with a power allocation scheme. The resultant free distance is given

by:

\/ Prp?+ Nvffﬂv - for v <,
dfree,FC — (313)

(2 \f) cos? ysin? y
\/PTP K 1+(2 Q\f) cos?y fOI")/ > Ve

It has been shown [31] that F is optimal for 4-QAM (QPSK). However, it is suboptimal for
higher QAM constellations [32].
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§ 3.2.2 Real-Valued Subprecoder Design

Obtaining the optimum complex-valued subprecoders for higher QAM constellations is difficult
since the computational complexity of the numerical search is high. To overcome this problem,
the real-valued subprecoder, denoted by F',., was proposed in [30]. The main idea of F, is to

simplify the subprecoder structure as

coS Y, 0 cosf, —sinb,
F, = /Py ¥ ) (3.14)

0 sin v, sinfl, cos@,

Comparing (3.14) with (3.9), we can see that the number of the parameters to be searched is
reduced. Similar to F., it was shown that F', can be operated in two modes, denoted by F, ;

and F,». Let! = Llog, (L) and §,; = tan:* 2. Ford €{1,2, -, 5}, F, can be expressed as:

cosd,; —sin#,
F,, = Pr . T for v <y,
0 0
F, =< (3.15)

| F,, for v > 7,.
It is worth noting that a different channel angle v will require a different F, 5. Therefore, we
need to store the values of the precoders and conduct table look-up operations in real-time

applications. The free distance provided by F, ; is given by:

4
free,F, ; = \/ PTPQE cos?ysin® 0, ;. (3.16)

On the other hand, obtaining the corresponding free distance for F, o requires table look-ups

since F, 5 in (3.15) does not have a closed-form expression.
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§ 3.2.3 Orthogonal Subprecoder Design

The rotation matrix, which is an orthogonal matrix, can be used as the subprecoder also [29].

Let F, denote the subprecoder. Then,

P cosf, sind,
F, =1/ — : (3.17)
2 —sinf, cosd,
It is simple to see that F', is derived by further simplifying the structure of F, in (3.14). Let
(3 = ——. The optimum 6, for 4-QAM was found with a closed-form as [29]:

tany*

-1 2 1\ _ —
0 tan~' ((3> — 1) — /T —=2B) for >3 G.18)

for < V3.

ENE

From (3.18), we can observe that the orthogonal subprecoder always uses both subchannels
since F, is a full-rank matrix. This structure constraint will lead to performance loss when ~y
is small. Besides, the closed-form solution in(3.18) exists only for 4-QAM. In other words,

finding the optimum rotation angle for L > 4 requires a numerical search too.

§ 3.3 Proposed Subprecoders for MIMO Systems

As discussed, existing subprecoder designs require either numerical searches or look-up tables
stored. In this section, we propose a design giving simple closed-form expressions for any QAM
sizes. To do that, we consider an alternative design criterion in (3.7). Instead of maximizing the
free distance itself, we propose maximizing a lower bound.

Considering the QRD of a full column-rank matrix H, we can have H = QR, where Q is
an N, X N; column-wise orthonormal matrix and R is an N; x N, upper-triangular matrix with
positive real-valued diagonal entries. As mentioned in Chapter 2, the free distance can be lower

bounded by

dfree > < min R(i,z’)) Anin (X™) (3.19)

1<i< N
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where R (i, j) denotes the (i, j)th entry of R. Note that R is also known as the R-factor of H.
Clearly, the lower bound in (3.19) is maximized when the R-factor has equal diagonal entries.
This problem can be solved by GMD. From [9, 10], we can have the following decomposition
of H as

H = QRP” (3.20)

where Q is an N, X N; column-wise orthonormal matrix, P is an /NV; x V; unitary matrix, and

Risan N, x N, upper-triangular matrix having equal diagonal entries given by

Nt NL,*, Nt NLt
R (i,i) = (HR(k,k)) = (H )\n> for i =1,2,---,N,. (3.21)
k=1 n=1

It can be seen that P can be used as a precoder and QYHP will have equal diagonal entries.
Note that P is independent of the QAM constellation, which is a great advantage when de-
signing the precoder for ML detection. Although the.GMD method is analytically tractable,
its corresponding free distance will be significantly degraded for ill-conditioned channels. To
enhance the performance, we can replace P. with the rank-deficient precoder when the value of

v is small.

§ 3.3.1 GMD-Based Subprecoder with Rank-Deficiency

From (3.20), we can have the subprecoder Fgyp expressed as Foup = 4/ %P. Note that for

M = 2, Foup has a simple expression as

A A
& \/ ﬁ o \/ /\1-1-1)\2 (3 22)

F =
GMD 9 \/ N \/ o
A1+ A1+
Furthermore, the resultant free distance can also be easily obtained by
4 cosysiny
iree =\/Prp*=———. 3.23
free, GMD \/ (s — (3.23)

From (3.23), we can see that dgeegmp =~ 0 as v approaches zero. Note that 7 is associated

with the condition number of the channel matrix. In other words, the performance of Fgvp
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can be significantly degraded for ill-conditioned channels. This degradation can be mitigated
by replacing Fgyvp with the rank-deficient subprecoder when the value of +y is small. Thus, we
propose a subprecoder combining F gyvp with the rank-deficient subprecoder in (3.10), i.e., F. 1,

expressed as:

( cosf,, sinf,. eiPe1
vV Pr o o for v <y
0 0

F,, = (3.24)

A2 _ A1
Pr A1+A2 A+ f
x or v > .
5 ™ " Y=
L A1+A2 A1+A2

The threshold v, can be derived by the channel angle satisfying the following equation:

4 cosysiny 4 cos? vy
Prp2—2ER0 P . 3.25
\/T”K 2 \/TpKN2+\/§N+2 (32

We can then have v, as

)
—tan™! . 3.26
T <N2+\/§N+2> (320

Besides, we can also combine Fgyp with the rank-deficient subprecoder in (3.15), i.e, F, i,

yielding an alternative subprecoder as:

(
cost,; —sinb,,

VPr for v <
0 0

F,, =< (3.27)

A2 - A1
Pr A1+A2 A1+A2 f
\/ L or v > .
B ™ W Y
A1tA2 A1t+A2

\

Using the same method as that in (3.25), we can derive the threshold 7, as

1
79 = tan™! (2 sin? <tan_1 §>> . (3.28)

From (3.24) and (3.27), we can see that both F, ; and F,, » give closed-form expressions. Thus,

no look-up tables are required.
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§ 3.3.2 Extension to MIMO Systems for M > 2

For a MIMO system with M > 2, the X-structured precoder allows a simple solution for the MLL
receiver. Assuming M is even, then every two subchannels can be paired to yield % subsystems.
Therefore, the 2 x 2 subprecoders discussed in the previous subsections can be directly applied.
Let the subchannels be ordered with respect to their singular values. Then, the X-structured
precoder pairs the ith and (M — i + 1)th subchannels, and the corresponding channel gain and

channel angle can be expressed as

pPi = )\12+)\2 —
V Mol (3.29)

v, =tan ! (—AM;“) .

7

Using ~;, we can construct the resultant subprecoder F), ;) for the ith subsystem. Let each sub-
precoder be under unit-power constraint, i.e., 7 {Fg(i)Fp,(i)} = 1. Also let dj.,; denote the
free distance provided by the ¢th subsystem. Clearly, the overall system performance is dom-
inated by the subsystem with dfree min, Where dfree min 18 the minimum value among all djee ;’s.
Hence, we can adopt a power allocation scheme aiming to maximize dyee min SO that the perfor-
mance can be further enhanced. Let T; denote the power allocated on the ith subsystem, and
M’ denote number of subsystems. Similar to the method used in [28], the problem of finding

the optimum power allocation matrix, denoted by Y, can be formulated as:

maxmin Y dree i
K3

MI
st. Y Y7 =Pr. (3.30)
i=1
The solution of (3.30) is given by [28]:
Mo -1
T? = Pr (d?ree,izm) for i=1,2,--- aMI- (3.31)
k—1 Iree,
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Using (3.31), we can find the resultant free distance of the each subsystem is equal to T ;dec ;

expressed as:

Mo -1
Yidiwee; = | Pr (Z ) . (3.32)

2
k—1 dfree,k

As we can see, the optimum Y is to equalize the free distance among all subsystems. That
means the subsystem with smaller free distance will be allocated higher transmit power. It can
be easily verified that Y;dgeei > dreemin, and hence the performance is improved. With T,
the resultant precoder is still of X-structure. For example, the X-structured precoder F with

proposed subprecoder F), 1,; and Y for M = 4 can be expressed as

Y Fp1 ) (1,1) 0 0 Y F,1 0 (1,2)
P 0 ToF)p 1@ (L) XaF, 1 ) (1,2) 0 (3.33)
0 ToFpa(2) (2, 1) Loy 1) (2,2) 0
| TiFpr ) (2,1) 0 0 TiFp10)(2,2) |

If M is odd, the (25t!)th symbol is then independently precoded and detected without coupling
another symbol. Note that computing Y; requires the information of dj. ;. For this regard, the

proposed precoders are more efficient since the free distance can be easily calculated.

§ 3.3.3 Complexity Comparisons

Similar to Chapter 2, we use the number of floating operations (FLOPS) required in a precoding
scheme as the measure for computational complexity. The complexity for conducting the SVD
of His O (N?N; + N?N,.), that for calculating M is O (N, M) FLOPS, and that of calculating
r is O (N?) FLOPS. The above operations are involved in all the methods. Note that both
the orthogonal and real-valued precoders need look-up tables in their applications. This is an
additional overhead which is not required for proposed precoders. The precoding complexity

comparison is summarized in Table 3.1.
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Next, we compare the ML-detection complexity in each method. It has been shown in
[30] that the ML-detection complexity in any subsystem with the complex-valued precoder
is a function of O (L\/f) The detection complexity can be reduced to O (ﬁ) when the
precoder consists of real values [30]. Thus, the ML-detection complexity associated with F, ;
is higher than that with F',, ,. Fortunately, the probability of v < 7, decreases for large values of
L. Therefore, the detection complexity corresponding to F, ; can also be O (ﬁ) for higher
QAM constellations. The detection complexity comparisons for all precoders is summarized in

Table 3.2.

§ 3.4 Joint Precoders Design for MIMO Relay Systems

In this section, we will consider the precoder design in two-hop AF MIMO relay systems. Sim-
ilar to the conventional MIMO system, we-can conduct precoding at both the source and relay
nodes. These two precoders can be jointly optimized for further performance enhancement.

Note that the ML receiver is used at the destination:

§ 3.4.1 Problem Formulation and Source Precoder Design

The system model we consider is shown in Figure 3.2. Let Hgy denote the N, x N, source-
to-relay channel matrix and Hyp denote the Ny x NV, relay-to-destination channel matrix. In
the AF MIMO relay scheme, the signal transmission is divided into two phases. In Phase I, x
is transmitted from the source and then received at the relay. Note that in a two-hop system,
the destination cannot receive the signal from the source in Phase 1. Let F g denote the N, x M

source precoding matrix. The received signal at the relay can then be expressed as
Yr = HsgFgs x + np. (3.34)

where np, is the Gaussian noise vector with the covariance matrix o2 Iy, . In Phase II, y is

first left-multiplied by the N,. x N,. relay precoding matrix F  and then retransmitted to the
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destination through Hyp. The received signal at the destination can be expressed as
\2)) :HRDFRHSRF5X+HRDFRHR+HD. (335)

where np is the Gaussian noise vector with the covariance matrix o> ;1. The received signal

can be rewritten as
yp = HFsx+n (3.36)

where H = HypFrHgr and n = HypFrng 4+ np. It is simple to see that n is not white and

the covariance matrix of n can be found as

R, = E[nnH}

= op HrpFRERHYE ) + 0 /Iy, (3.37)

To facilitate our derivation, we first conduct a whitening processing on y p. From (3.37), we

can have the whitening matrix, denoted by W, as

D=

W = (o2 HppFrFiHY, + 00 In,) (3.38)
After whitening, the received signal can be rewritten as
¥p = Wyp = HFgx + i (3.39)
where H = WH is the N, x N, equivalent channel matrix expressed as
A = (02, HppFrFIHY, + 02 Iy,) ? HppFrHgp. (3.40)
The free distance corresponding to H can be defined as
diee = min  ||HFg (x; — x;) ‘ . (3.41)

XiX;j EXM,xi;aéx]'
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Therefore, the objective now is to find the precoders, F g and Fp, so that the free distance can

be maximized. The optimization problem can be formulated as:

max diee
Fs,Fr

s.t. (3.42)
Cy:tr{FsFy} = Psr

Cy:tr {Fg (o} In,. + HegFsF{HIL) Fl} = Py

where C; and C, represent the transmit power constraints at the source and relay respectively.
As we can see, solving the problem in (3.42) is complicated since dg.. is a nonlinear and com-
plicated function of Fg and F . Also, both precoders are coupled in the constraint Cy. As a
result, the optimum solution is difficult to find. To solve the problem, we propose an iterative
method solving F ¢ and F alternatively. Using:the approach, we can first rewrite the original

problem in (3.42) as:

max dies = maxmax ds
Fs,FR ree FR FS ree

s.t. C1 and CQ. (343)

Let F' i be given and we have the optimization as:

max min HF (x; — x;) ‘
FS xix]'GXM,x,L-;éx]'
st. tr{FsFd} = Por. (3.44)

It is easy to see that (3.44) is similar to a MIMO precoder design problem. Consider the follow-
ing SVDs:

Hgp = URDERDVJ{_{ID (3.45)

Hsr = UspXsrVE, (3.46)

where Upgp, Vf{ p» Usg, and ngR are column-wise orthonormal matrices, both X ¢ and X pp

are M x M diagonal matrices, and U Ugp = U¥ Usr = VE Vip = VI, Ver = Iy,
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We can let F g5 have the form as:
Fs = VggF%. (3.47)
With (3.47), we can further rewrite the received signal yp, as
§p =HVspFix + i = HFsx + it (3.48)
where H' = HV g5 expressed by
A’ = (02, HppF pFEHE, + 02 ,1x) * HppFrUspEsn. (3.49)

Let 3’ denote the matrix with the singular values of H'. With &', we can solve F’; by applying
the methods proposed in Section 3.3. For a given F'g, however, the solution of F  is much more

involved. This problem is investigated in the next subsection.

§ 3.4.2 Relay Precoder Design

From (3.49), we first observe that H'is still-a-nonlinear and complicated function of F and
finding the optimum Fp is a difficult work. Even the optimum solution can be found, we
have to conduct a new SVD and matrix inversion when solving F ¢ at each iteration. This will
greatly increase the computational complexity of the problem. To overcome these problems, we
propose imposing a special structure on F ; such that the X-structure of F g can be maintained
and at the same time F  can be solved with a closed-form solution. The main idea is to let F i

diagonalize the equivalent channel H'. This can be easily accomplished by choosing F  as
Fr= VRDERUgR (3.50)

where X5 is an M x M diagonal matrix needs to be designed. With (3.50), we can rewrite R

as
R; = afL’TURDERDEREf{ sE Ul + afl’dINd. (3.51)
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Hence, we can rewrite the whitening matrix W as follows:

(NI

W =R,

o=

= (Urp (07 ,ZrpTrER 20 + 00 ) Ullp)

_1
= (07, ZrpZREEZH, + 0o Iu) 2 Uy, (3.52)

With (3.50) and (3.52), the resultant H' is an M x M diagonal matrix expressed as
:E[I = (O'zJERDEREngD + O'zydIM)il/2 ERDERESR- (353)

Thus, H' in (3.53) is diagonal and can be directly used for constructing F'y without extra SVD
and matrix inversion operations. In addition, the relay precoder to be determined is reduced to
a diagonal matrix X . This can significantly reduce the computational complexity of the joint
design.

Let P, ; denote the BLER of the ith subsystem. We. can have the overall P, expressed as

MI

MI
P.=1-Jla=P)=> P (3.54)
=1

=1

where M’ is the number of subsystems. As discussed, P, ; is dominated by P, ;, where P, ;
2

. 2. .
denotes the worst-case PEP of the ith subsystem. Note that P, ; = ) < %) since 02 = 1

due to the whitening matrix in (3.52). Then, we define P, as

M/ d% )
P, = Z Q 2 . (3.55)
=1

As seen from (3.54) and (3.55), minimizing P, can be equivalent to minimizing F,,. Hence, the
design criterion for 2 is equivalent to minimizing (3.55). Based on the Chernoff bound, we can
2

have an approximate of @ (z) as @ (x) ~ % exp 'z, where a is a positive value. Consequently,

P, can be approximately expressed as

2
d[ree,i

1
P, ~ ~ - 3.56
. 2 exp 14 (3.56)
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Since directly minimizing P, is difficult, we then seek a lower bound from which our optimiza-
tion can be conducted.
Proposition 3.1: Given the full-rank F'y, the relay precoder in (3.50), and the channel matrix

in (3.53), maximizing det <ﬁ’ H'H ) is equivalent to minimizing a lower bound of P,. The

g 2
Hi:l d[ree,i

1
1 M7
lower bound is equal to M’ exp * ( ) , where M’ is the number of the subsystems.

Proof: To prove the proposition, we need following lemmas.
Lemma 3.1: Let w, and w, be two positive values satisfying w; + wy = 1 and consider two

positive values x and y. If y > x > 1, then the following inequality is held:

—xW%1 yw2

exp < wiexp * +weexp Y. (3.57)

Proof: The proof of the lemma is provided in Appendix B.1.

With Lemma 3.1, we can then derive another lemma.

9

d[ree,i

Lemma 3.2: Assume that Fg, 3gy and X gp are given. Then, Z?ill exp~ 2 1in (3.56) is

lower bounded as:

M’ 2 , 1
- dfrec,i 1 _1 ( 1\1 d2 ) M
E exp 4 > M exp 1\ Tl e . (3.58)

=1

Proof: The proof of the lemma is provided in Appendix B.2.

!

Note that the equality in (3.58) is held when d2_. .’s are equal for all i = 1,2,---, M.

free,i

In X-structured F’, the ith and (M — i + 1)th subchannels are paired together. Therefore, all
d2

free,; S Will be close. This property further demonstrates the tightness of the lower bound in

(3.58). To proceed, without loss of generality, we can first consider the system with a full-rank
F';. In this case, d3,, ; can be expressed by d2,, ; = eH' (i,4) A" (M — i+ 1, M — i + 1) for all
1=1,2,---, M. Then, we have

M,
d?.. =My [det (HHT ). (3.59)
[ s = € der ()

Since € is a constant, we then come to the conclusion that minimizing the lower bound in (3.58)

is equivalent to maximizing det (I:I’ H'H ) :
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Using the fact that the arithmetic mean is greater than or equal to the geometric mean, we

can easily derive another lower bound for the left-hand side of (3.58) as:

M d%‘eei L 1 M2
Zexp_ eV expW(WZﬁ1 Bes) . (3.60)

=1

The following lemma compares the lower bound in (3.58) and that in (3.60).
Lemma 3.3: The lower bound in (3.58) is tighter than that in (3.60).
Proof: First, using the fact that the arithmetic mean is greater than or equal to the geometric

mean, we can prove (3.60) as follows:

1
M’ : M’ M’
_ dﬁ'cc,i ’ _ d?rcc,i
E exp 14 > M Hexp 1
i=1 i=1
! %
1 )
— M’ (expiz Zi=1 dlgree,i) M
wi( oM o
= M"exp 4(M’ > i=1 dfrcc,i) ) (3.61)

Second, using the fact again, we can obtain

M’ ﬁ 1 M’
(H d?ree,i) S M Z digree,i' (362)
i=1 i=1

From (3.61) and (3.62), we then have

M’ :

Z e , _1(1-[1_\{’ a2
eXp 2 Z M eXp 4 i=1 “free,i

i=1

1
)

> M exp ™ (7 T i) (3.63)

Note that the result in Proposition 3.1 is valid only for the proposed subprecoders with which

the properties of the GMD solution in Proposition 3.1 can be applied. For other subprecoders,
(3.59) may not be held and finding a solution for the precoders will become much more compli-
cated. For Lemma 3.2 to apply, both x and y have to be greater than one. This translates to the

BLER of the subsystem (in Proposition 3.1) must be less than 10! which is usually satisfied
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1

M2 )W in (3.58) can be seen as a

free,s

in real-world applications. It is worth noting that (H
geometric free distance of the MIMO relay system, and it can be used to evaluate P,. It is
interesting to note that this is similar to the geometric SNR in multicarrier systems [58]. How-
ever, the geometric SNR is derived from the maximization of the channel capacity. Instead, the
geometric free distance we derived here is to minimize the BLER. To proceed, let r denote the

rank of F';. We first solve X by assuming » = M. From (3.53), we have
HAY = s, U5l (02, SrpSpXiSh, + 02 Iy)” 'S SRS sn (3.64)
Defining A = SppXpE RS we can rewrite det (ﬂ’ﬁ’H) as
det (fl’f{'H) = det (ESRESRA (UZ,,A + UZ,dIM)A)
= det (SgxEly) det (A (02, A + o—g,dIM)*l) . (3.65)

Since det (E S REQIR) in (3.65) is independent of the relay precoder, the relay precoder can then

be solved through the following optimization:

max det <A (o2 A+ Ufl’dIM)_l>
s.t.

tr{o2 , Lr3h + TpIsrFFI SIS0} = Pro. (3.66)

Let B = F’SF’SH . Also let o ;, 044, and 0,4, be the ith diagonal entry of X, 3 g, and X rp

respectively. Taking /n operation, we can reformulate (3.66) as:

UR 7 rd 1
mln - E In 5
‘TR i OR zard g ,r + On,d
s.t.

M
ZJRZ nr+B(7’ Z) srz) PRT (367)
=1

We can see that the relay precoder design problem has been transformed into a scalar-valued

optimization problem. The reformulated problem in (3.67) can be solved by using the KKT
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conditions [45]. The solution is then expressed in the closed-form as

2
2 2 2
2 IU’O-n,d On,d On,d
ORi = 2 9 2 B (i) o2 + 957 o2 T 057 o7 (3.68)
Ord,ian,r (Un,r + (Z? Z) Osr,i) rd,i” n,r rd,i” n,r

where 1 is chosen to satisfy the relay power constraint. The derivation of (3.68) can be found
in Appendix B.3. As we can see, the proposed subprecoder does lead to a simple expression of
YR

As seen from (3.68), we have to know B to solve the relay precoder. To simplify the

problem, we first do not consider the source power allocation. Thus, B can be expressed as

P
B (i,i) = ]SW’T for i =1,2,---, M. (3.69)

Using the resultant 2 and H', the next step is to construct F's with the methods proposed in
Section 3.3. If the channel angles of all subsystems are.larger than the angle threshold, r is
still equal to M. From the structure of B, we can see that its diagonals are unchanged. In other
words, ¥ r will not be changed by the updated F's. Then, the iteration stops in just one iteration.
On the other hand, if at least one subprecoder is of rank-deficiency, (3.69) is not held. Then, the
iteration cannot stop in just one iteration. Note that the order of the diagonal entries of H’ can
be changed during the iteration. In such case, we have to re-solve afm, which is not desirable.
The following proposition states that this problem can be avoided.

Proposition 3.2: With the relay precoder given in (3.50) and (3.68), the diagonal entries of
resultant H' is with descending order when the SNR of relay-to-destination path is much higher
than that of source-to-relay path.

Proof: Without loss of generality, we can let o7, = az’d = 1. Therefore, the SNRs of
source-to-relay and relay-to-destination channels are defined via the variances of Hgr and

Hpgp. Using (3.68), we can have

(3.70)

e
[N

2
L KO g
ORiOrqi = i
=\ B
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Without Y at the source node, we can have B = al;; where a = P]f/[—’T. Assume that the SNR of

2
STy

relay-to-destination path is higher than that of source-to-relay path so that ua,?d’i >1+ao

2 2 : .
Then, 07, ;0,,,; can be approximately expressed as:

2
-, .
2 2 2 rd
ORiOrdi ~ 1+ a0l (3.71)
+ aasr,i
Hence, H' can be expressed as:
1/ 2 2 -3
. !
H (27 Z) = (O—R,io—rd,i + 1) OR,i0Ord,iOsr,i
_1 1
2 2 2 2
Mo—rd,i :uo—rd7i
= 1 2 +1 1 2 Osryi
+ aOST:i + aasr,i
_1
2
1+ aafm-
=11+ 9 Osri
HO g4
S (3.72)

Then, the diagonal entries of H’ are with descending order since o, ; decreases with 4.
Proposition 3.2 shows that the ordering of H’ (z,1) will not be changed and thus the new

pairing operations are not necessary during the iterations. We now investigate the case of rank-

deficiency. When at least a subsystem is rank-deficient, » becomes smaller than M. From

Proposition 3.2, it is simple to see that the -y values of the paired subsystems have a ascending

» (ﬂ'(M,M)) B (ﬁ'(M—1,M—1))
tan — | <tan =
0 (1,1) (2,2)

order, i.e.,

S ..
H (X + 1,4 41)
< tan ! ( 2 ' 2 . (3.73)
= M M
H (3, %)
This property indicates that when r < M, the corresponding B will be of the following struc-
ture:
B = diag(2¢,2a, - - - , 20, a, - -+, 0, 0,0, - - - ,(D. (3.74)
Mtr QT:'M Mtr
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In the following proposition, we will demonstrate how to solve Xz when B is of the structure
in (3.74).

Proposition 3.3: Consider a rank-deficient F; with rank 7, where & < r < M. Let H
denote a square matrix consisting of the first m columns and rows of H'. The objective function
for the design of X ; can be chosen as det (ﬂ’l MfrI:'I’lfler> det (ﬂ’”f{’ﬁ) such that the lower
bound in (3.58) can be minimized.

Proof: From (3.74), it is clear that the rank-deficient subprecoder is used in the first M — r
subsystems while the full-rank subprecoder is adopted in the last r — % subsystems. According

to the channel angle, the free distance of the ith subsystem can be expressed as:
H (i, ) H (M —i+1,M—i+1) e,
dieci =\ O e (3.75)
H’ (27 Z) H’ (27 Z) €2,i
where both €; ; and €5 ; depend on the QAM constellation. Hence, we can rewrite Hf\i ’1 d%ree’z-

as:

M’ M—r
[ = T] B G.5) BLGig) ez
i=1 j=1

MI
x [ HEOHEM-1+1,M—-1+1)ey
I=M—r41,1<M’
M—r M’ M—r _ T
=[les I] ex][[HCH]][H (.0
j=1 k=M-—r+1 =1 p=1
- e\/ det (ﬁg:M%ﬂfM%) det (ﬂlﬁlH) (3.76)

Obviously, € only depends on the QAM constellation. Hence, the objective function is equiva-
lent to maximizing det (I:I’I:MfrI:I’lfIMfJ det (I:I’”I‘-I’ffn) when & <7 < M.

When % < r < M, we can conduct the rank-deficiency operations for // — r subsystems
at one time, equivalently switching off A/ — r subchannels. However, this approach may not
be efficient. This is because the relay precoder will re-allocate its power and some of the rank-

deficient subsystems may become non-deficient in the next iteration. For this reason, we only
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let one subchannel be switched off at one time. Starting from the first subsystem, if we find

tan~! (ﬁé(,%’i\f)) is smaller than the angle threshold, then let » = M — 1 and reformulate B as

B = diag{2a, a, o, - - - , 0, 0}. (3.77)

Let k; be defined as:

2 fori=1,2,--- M —r
1 fore=M—-—r+1,M—r+2,---r

From the results in Proposition 3.3, the optimization of 012{’2- for % < r < M can then be

reformulated as:

K10R1 rdz
mln— E In 5

URz OR zardz ,T + On.d

s. t

ZO‘RZ oo+ Bivi)o2.,) = Pror (3.79)
=1

Then, the solution of the problem in(3.79) can be expressed as

fio? o2, 2 =y

2 17 n, n, n

ol = + _— 3.80
R 02, .02 ( .+ B (i,i) 02 Z) (20 ) 202 (3.80)

rdyi” n,r rdz nr rdz nr

where zi; = pk,;. The derivation of (3.80) is given in Appendix B.4. Note that for the rank-

deficient case, the right-hand side of (3.70) can be expressed as

o2 g2 %74, (3.81)
Ryi%Yrd,i 1—|—B(Z Z) .

S’I"Z

From (3.77) and (3.78), we see that fi; and B (i, ) are equally affected by x;. As a result, the
statement in Proposition 3.2 is still valid here. The above procedure is then repeatedly conducted
until all non-zero channels angles are larger than the angle threshold or r has been equal to %
When r = % Ji; becomes a constant for all 7 = 1,2, - -, r. In this case, the structure of 0%’1- in
(3.80) will be reduced to that in (3.68). Figure 3.7 summarizes the complete operations of the

proposed algorithm, referred to as Algorithm 3.1.
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In previous discussions, we do not conduct the source power allocation among all subsys-
tems. This simplification may result in performance loss since error rate performance can be
affected by the subsystem with the minimum free distance. Exploiting Y will complicate the
optimization of X, since the behavior of B (i, 7) is no longer easy to follow. To overcome, we
propose another iterative method to further improve system performance. Let F’; denote the

source precoder with power allocation. Then, F’; can be expressed as

F! = YF%. (3.82)

We assume that the initial Fgo)

is of full-rank, and choose an identity matrix as the initial YO,
Using (3.53) and (3.68), we can solve 25;) and then obtain the resultant H'(V). Consequently,
both F{") and Y are to be updated with the information of H') in the next iteration. This
method is conducted iteratively till no further. improvement can be exploited. The detailed

algorithm, denoted by Algorithm 3.2, is summarized in Table 3.3.

§ 3.5 Simulations and Discussions

In this section, we report simulation results demonstrating the effectiveness of the proposed
algorithms. In simulations, we consider a flat-fading MIMO channel. The entries of the channel
matrix are assumed to be identically and independently distributed complex Gaussian random

variables with zero mean and unit variance.

§ 3.5.1 Performance Comparisons for MIMO Systems

First, we evaluate the performance of each X-structured precoder in MIMO systems. Five
schemes are compared. That is, 1) existing subprecoder F., 2) existing subprecoder F,, 3)
existing subprecoder F,, 4) proposed subprecoder F, 1, 5) proposed subprecoder F, . Figure
3.3 compares the precoding performance for the MIMO system with N; = 2, N, = 2, and M =

2, showing the results of 4- and 16-QAM schemes, simultaneously. As we can see, the proposed
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subprecoders outperform F, and give the comparable performance to that of F,. Note that F,.
requires table look-ups in run time. Furthermore, F. slightly outperforms other subprecoders
in 4-QAM, but suffers from performance loss in 16-QAM. The performance of F, is not shown
for 16-QAM since it is worse than that of F, [30]. Note that the proposed method adopts
the GMD solution for well-conditioned channels. Although Fgvp provides the suboptimum
solution, the performance loss of either F,, ; or F;, 5 is limited. This can be explained by the facts
follows. The corresponding free distance for each subprecoder decreases as v is decreased. As
a result, the error rate performance is dominated by ill-conditioned channels. Instead of using
Fmp, the proposed method will use a rank-deficient subprecoder for a small value of 7 and the
performance loss can be mitigated.

Figure 3.4 shows the precoding performance for a MIMO system with N, = 4, N, = 4, and
M = 4. In this scenario, the power allocation between subsystems is conducted with (3.31).
From the figure, we observe similar behaviors.as those in Figure 3.3 . Note that although F. can
provide optimum performance for 4-QAM, it requires higher detection complexity compared

with the other methods.

§ 3.5.2 Performance Comparisons for MIMO Relay Systems

Next, we evaluate the performance of various precoding methods in a two-hop AF MIMO relay
system. Seven systems are considered; the first five systems use the ML detection in the receiver
while the last two use the QR-SIC detection. They are: 1) jointly precoded system with F,, ; and
Fr (JP-F, -Fz-ML-PA), 2) jointly precoded system with F),» and Fr (JP-F, >-F p-ML-PA),
3) jointly precoded system with F';, » and F r without source power allocation (JP-F, 5-F p-ML-
WPA), 4) source precoded system with F',, ; (SP-F, ;-ML-PA), 5) unprecoded system with ML
detection (UP-ML), 6) jointly precoded system (JP-QR-SIC), and 7) source precoded system
(SP-QR-SIC). Both the JP-QR-SIC and SP-QR-SIC are obtained from [59] without considering
the source-to-destination link. Let SNR;, and SNR,,; denote the received SNR at each relay

antenna and destination antenna, respectively.
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Figure 3.5 shows the performance comparison for 4-QAM. Here, we let N; = 4, N, = 4,
Ny = 4, SNR,; = 25dB and SNR;, be varied. Also let I = 3 in Algorithm 3.2 for reason-
able precoding complexity. As seen, the proposed JP-F, ;-F p-ML-PA and JP-F 5-F p-ML-PA
schemes indeed outperform other precoding methods. It is also observed that about 1dB perfor-
mance loss (at BLER = 10~%) will be induced when the source power allocation matrix Y is
not included. Compared with the UP-ML scheme, the proposed methods can provide more than
4dB performance improvement when BLER is 1073, Note that the detection complexity of the
UP-ML scheme can be much higher than the other methods due to the requirement for 4 x 4
ML detection. The SP-F,, ;-ML-PA scheme suffers from performance loss since only the source
precoding is considered in the system. As for the JP-QR-SIC and SP-QR-SIC schemes, their
performances degrade significantly for high SNR. Note that in QR-SIC detection, the detection
complexity at each receive antenna is O (L). Besides, a complete GMD operation is required
for finding the source precoder in either the JP-QR-SIC or SP-QR-SIC scheme. It is clear that
the proposed precoding methods are more efficient.

Figure 3.6 shows the performance comparison for 16-QAM. We let Ny = 4, N,, =4, Ny =
4, I = 5, SNR,; = 35dB and SNR, be varied. It'can be observed that the proposed methods
still provide the significant performance improvement. Compared to the results in Figure 3.5,
we can see that the improvements of the proposed methods are slightly reduced. This result can
be explained by the fact that the free distances yielded by the proposed subprecoders will be
rapidly decreased for ill-conditioned channels when a large QAM modulation is considered. In

other words, the improvement obtained from the rank-deficiency subprecoders is reduced.
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Table 3.1: Complexity comparisons for X-structured precoding

X-structured precoding
Subprecoder SVD of H M Look-up tables
F. O (N?N; + N2N,) | O (N;M) X
F, O (N2N, + NZN,) | O (N;M) | required for L > 4
F, O (N2N, + NZN,) | O (N;M) | required for L > 4
Proposed F,,; || O (N?N, + N2N,) | O (N, M) X
Proposed F,,» || O (N?N, + N2N,) | O (N, M) X
Tx Rx
1 1
Svmbol g . MIMO .
YO ,| Spatial Precoder | T channel KT ) ML
multiplexer . * | receivers
T N, N,
Feedback channel

Figure 3.1: System model for a precoded spatial-multiplexing MIMO system.
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Table 3.2: Detection complexity comparisons for X-structured precoding

Detection complexity
Subprecoder r ML detection
F. O(N?) | =0 (M’L\/Z) for large values of L
F, O (N?) o (M'VI)
F, O (N?) o (M\/Z)
Proposed F,; || O(N?) | =~ O (M’\/f) for large values of L
Proposed F,, 5 || O (N?) O (M’\/f)

£k

T; Yr i FR

Nye
Hsr Hgp

ML

X — Fs j L Detection

Figure 3.2: System model for a precoded spatial-multiplexing MIMO relay system.
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Figure 3.3: BLER performance comparisons for MIMO systems with N; = 2, N, = 2, and
M =2.
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Figure 3.4: BLER performance comparisons for MIMO systems with N; = 4, N, = 4, and

M = 4.
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BLER

—— JP-F_ ~F -ML-PA
—+—JP-F_~F_-ML-PA
—A— JP-F_—F -ML-WPA"
4 —O— SP-F_-ML-PA
107 —6— UP-ML

g —%— SP-QR-SIC
—p— JP-QR-SIC

-5 \ ! ! ! ! !

8 10 12 14 16 18
SNR(dB)

10

Figure 3.5: BLER performance comparisons for MIMO relay systems with 4-QAM (N; = 4,
N, =4, Ng=4,and M = 4).
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Figure 3.6: BLER performance comparisons for MIMO relay systems with 16-QAM (N, = 4,
N, =4, Ng=4,and M = 4).
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Assume FY is of full-rank

A

B(i,i):%forallizlﬂ,---,M

A

Solve ¥ i by using (3.68)

v Solve X by using (3.80)
Compute H’ A
Y Update B (i, 1)
Check if the minimum
non-zero channel angle is A
smaller then angle threshold

NO

Y YES
Compute F'g

Figure 3.7: Algorithm 3.1: Joint source/relay precoders design without source power allocation

Y.
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Table 3.3: Joint source/relay precoders design with source power allocation

Algorithm 3.2: Algorithm of Joint Precoders Design with Y

(1) Set 7 = M, and choose the initial Y© =, /<51y,
(2) Let the initial B be B = oI,,;

(3) Set I as the number of iterations;

3)fori=1:1;

(5) Use Algorithm 3.1 to obtain Eg) and ng);
(6) Compute Y with (3.31);

(7) Update B® with YOF;

(8) end;
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Chapter 4

Limited-Feedback for X-Structured
Precoding in Spatial-Multiplexing MIMO

Systems

As mentioned, the feedback of the precoder, instead of CSI, is generally preferable in real-world
applications. Then, a codebook is designed for the precoder, and only the index of the codeword
is fed back. To search a codeword for a channel matrix, also known as codeword selection, two
methods have been proposed. The first one calculates the optimum precoder and then selects
the codeword having the shortest distance to the optimum precoder [46]. In this case, we need
to know the optimum precoder. The second method simply evaluates all the codewords and
then chooses one minimize a certain criterion (e.g., the free distance) [60]. Note that limited
feedback of X-structured precoding is different to other kinds of precoding in the sense that
two types of precoding matrices are required, the right unitary matrix of SVD, referred to as
right singular matrix, and the subprecoder. There are several challenges in this limited feedback
problem. First, the channel matrix cannot be completely diagonalized since the right singular
matrix is quantized and the X-structure cannot be maintained anymore. Second, the diagonal

entries of the SVD-transformed channel are not real numbers, and the subprecoders developed
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in Chapter 3 are not directly applicable. Finally, the decoupled 2 x 2 ML detectors cannot be
applied in the receiver since the X-structure is lost. In this chapter, we will investigate how to

solve these problems.

§ 4.1 System Models and Problem Formulation

Consider a precoded spatial-multiplexing MIMO system with limited feedback, as described
in Figure 4.1. The operation of the system is described as follows. A codebook F is pre-
constructed and known at both the transmitter and receiver. According to some selection crite-
rion, the optimum codeword is chosen from F at the receiver. Next, the corresponding index
is fed back to the transmitter via a low-rate feedback channel. Finally, the precoding can be
conducted with the chosen codeword.

As mentioned, in X-structured precoding, two codebooks are required; one is for V which is
of full column-rank and the other is for F' which can be rank-deficient. The equivalent precoding
matrix is M = VF. Let F; and F;, denote the codebook designed for V and F respectively.

Then, we have

Fi={F11,Fi2,--- ,Fip} 4.1)
Fo={F21,Fop, -+, Fop,} 4.2)

where F; ;’s are the codewords, i.e., quantized precoding matrices, and B; and B, are the size
of the two codebooks, respectively. Note here that F consists of subprecoders, and thus the

codewords of F, can be 2 x 2 matrices. The received signal can then be expressed as
y=HV,Fx+n 4.3)

where V,, € F; and F is constructed from the codewords in F,. Using the SVD of H, i.e.,

H = UXV#, we can have the transformed received signal, r, expressed as

r=U"y = SV#V,F x + Un. 4.4)
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In general, V will not be equal to V,, a quantized V. As a result, X¥V#V,, is no longer a real-
valued diagonal matrix. Note that the subprecoders proposed in Chapter 3 are derived based
on 3, a real-valued diagonal matrix. Thus, the subprecoders need to be redesigned. In what
follows, we will first consider the design of F;. Then, we will investigate how to design the
subprecoders when the equivalent channel is not a real-valued diagonal matrix. Besides, we
demonstrate that the construction of F, can be simplified to the quantization of a single angle.
Finally, we propose a low-complexity detection method which combines 2 x 2 ML detectors

with SIC.

§ 4.2 Quantization for X-Structured Precoding

In this section, we first consider the quantization of V. As mentioned, V is quantized with a
codebook. Hence, the first task is to construct the codebook F;. Several methods have been
proposed to construct a codebook consisting of unitary matrices. Hereby, we use vector quan-
tization (VQ) [49] to construct F; since it 1s simple-and effective. VQ first generates a training
set {V,}f\il where IV, is the size of the samples, and then updates the codebook iteratively. Let
the codebook obtained in the j — 1 iteration be denoted by {V;(j — 1)}2,. The operation of

VQ can be summarized as follows:
1. Partition the training set into B, clusters by the nearest neighbor rule:
Si={Va: Vi = Vi(j = DI < IVa = Viu(G = DI, Ym # i} @5)
where S; is the ith cluster.

2. Update the codebook with the centroid rule:

~ 1
V,(j) = — E V,, +1=12,---,Bj. 4.6
(]) Ns, = 7 1 (4.6)

where N, is the number of samples in the ith cluster.
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3. Normalize the codewords such that V;(j)VZ () = VE(j)V(j) = L.

4. If the difference of V;(j) and V;(j —1),i = 1,2,- - - , By, is smaller than a threshold, the

iteration stops. Otherwise, let j = 7 + 1 and go to Step 1.

As we can see, VQ is easy to implement. However, note that to have a good result, NV, has to
be large. We now discuss the codeword selection. As mentioned, two methods are commonly
used for the codeword selection. The first one calculates the optimum precoder and then selects
the codeword having the shortest distance to the optimum precoder. The second method simply
tries all the codewords and chooses the one that minimizes a certain criterion. Due to the special
problem we consider, we use a method combining the both. The optimum precoder is V which
can be calculated. On the other hand, we want that V' V;, is as close to a diagonal matrix as
possible. Let & = EVHVp. Then, we canrewrite (44) asr = ¥Fx + Ufn = TFx + n/,
where n’ = Ufn. Let £, denote the matrix where each entry is obtained by X4 (i,j) =

|3 (i, 7) |. Hence, we can define a criterion to select V, as

M < ..
Yo X
V, = max =1 Za (1) 4.7

M ~~M S
PEBL Y T D e 24 (65)

As seen, 3 is a complex-valued non-diagonal matrix since the selected V, is not equal to V.
As a result, the subprecoders proposed in Chapter 3, designed for diagonal matrices with real
values, may not be applied in the limited-feedback system. We now propose a method to solve
this problem. We first assume that B, is large enough such that the off-diagonal entries in X 4
are relatively smaller compared to the diagonal entries in X 4. Also, the diagonal entries of X 4

are assumed to have a descending order. Using the assumptions, we can use a complex-valued
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diagonal matrix, denoted by X, to approximate X. Consider a 2 x 2 3, expressed as:

_ 2 (1,1) 0
¥y = _ (4.8)
0 3 (2,2)
[ expi® 0 a4 (1,1 0
_ | P | ALl (4.9)
0  exp’® 0 34(2,2)
-0, (4.10)

where £ (1,1) > X (2, 2). In the following, we will show that 3 4 can be used for constructing
the corresponding subprecoders.

Let Fgup be the GMD solution for £ 4. In other words,

3 4Foup = QR4 (4.11)

where Q 4 is a unitary matrix and R4 is an upper-triangular matrix with equal diagonal entries.

Using (4.10) and (4.11), we can have
Sy =03, = QQ RsFE . (4.12)
It is easy to verify that 2 is a unitary matrix. Hence, we can have
£p = QaRaFwp (4.13)

where Q 4, = Q4 is also a unitary matrix. From (4.13), it can be seen that Fgyp also serves
the GMD solution for X since the diagonal entries of R4 remains unchanged. Using the

results in Chapter 3, Fgup for a 2 x 2 ¥4 can be explicitly expressed as:

P _ 2_:A( ) _ _ i:A(lil)
— _T V Y ( 3 )+ A( ) EA(131)+2A(272)
FGMD - 9 \/T $A(2.2) . (414)
TA11)+24(2,2) Ta(1)+24(2,2)

It is interesting to observe that the GMD solution of a complex-valued diagonal matrix is a

real-valued matrix.



Next, we consider the case when the subprecoder is rank-deficient. Here, we use F.; in

(3.10) as an example. In this case, we can have

_ 3 (1,1 0 cosf., sinf, eiPe!
SpF. = /Pr (1.1) ! ! . (4.15)

0 £(2.2 0 0

The corresponding free distance for £, F.; can be expressed as

dfree = min ||2DFC,1 (Xi - X]') || (416)

XX €X2,xi7$x]'

Then, we can have

dfree -

214 (17 ]-) COS 90’1 214 (1, 1) Sin ec’leijc,l -‘
0 0 | (¢ = ;)

XX €X2,x,b-7$x]'

min \/FT Q{
>

1,1)cos8.1 2 4(1,1)sinf, ei%e
min \/E A ( ) c,1 A ( ) ¢l (Xi _ Xj)

xl-,x‘jeX:),x,L-;ﬁx]' 0 0

min  ||ZaFc; (x; — x5)] |- (4.17)

XX €X2,x,b-7$x]'

As discussed, 6.1 and ¢ ; in (4.15) yield the maximum free distance for a given 3, when the

subprecoder is of rank-deficiency. Note that €2 is unitary. From (4.16) and (4.17), we can see

that F.; provides the same free distance when 6., and ¢, ; are designed for ¥ 4. Hence, we

can conclude that £, can be replaced by 4 when designing the subprecoders. Although we

use F.; for illustration, the above result is still valid when the rank-deficient subprecoder is

implemented by F, ; in (3.15).

With the results above, we now can use X 4 for deriving the subprecoders. Similar to those in

Chapter 3, the ith and (M — ¢ + 1)th subchannels are paired together to form a 2 x 2 subsystem

since the diagonal entries of X 4 are assumed to be in descending order. Then, the subprecoder
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for the 7th subsystem can be expressed as:

(
cosf,., sinf, eiPe!
F..=+VPr ! ! for v; <7
0 0
Fp16) = 9 (4.18)

| Fomp,i for ~v; > 7

SA(M—i+1,M—i+1)
i:A(Zaz)

where y; = tan~! ( ), and Fgmp ; is expressed as

\/ S A(M—i+1,M—i+1)) _\/ 54 (i40)
F o & A1)+ 2 A (M—it+1,M—i+1) A1) +2A(M—i+1,M—i+1)
GMD,: — = =
2 3 4(4,0) S A (M—it1,M—i+1)
\/Z_IA(i,i)Jrf]A(MfiJrl,MfiJrl) \/EA(z iN+ZaA(M—i+1,M—i+1)
In the limited-feedback scenario, F),; (;y needs to be quantized also. Let cos6; and sin 6; be

defined as:

(4.19)

Mt 1, M —i+1
cos 6 A — o )) (4.20)
A’LZ +2A(M—Z+1,M—Z+1)
>
sin Al 1) S “.21)
So )+ M i+ 1, M — i+ 1)

Using (4.20) and (4.21), we can rewrite Fguyp ; as

Py | cosf; —sind;
Fowmp,: =\ = : 4.22)
2 sinf; cosb;

Note that cos §; < sin #; when the diagonal entries of ¥, are in descending order. Therefore,
we have 7 < 0; < 7. Next, we observe that the structure of F; in (4.18) is independent of the
channel matrix. Therefore, the construction for 75 can be simplified to the quantization of 6;.
Let {9 } 271 denote the quantized angles between 7 and 7. Then, we can have an codebook F»

expressed as

cosf.; sinf. e/?e Py | cos; —sinb; |
v/ Pr — B R i=1,2,---,By—1

fZ - ) 9
0 0 sinf; cosb;

(4.23)
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Note that the size of F5 in (4.23) is equal to By. With 5, we can choose the optimum codeword
according to ;. It is worth noting that if we use other full-rank subprecoders instead of the
GMD method, the quantization of F,; (;; may require more feedback overhead. The reason is
that other full-rank subprecoders have more variables and cannot be quantized by only a single

angle 6;.

§ 4.3 Low-Complexity MIMO Detection

In unquantized X-structured precoding, ¥ is a diagonal matrix, i.e., ¥ = X. This property
allows a low-complexity detection scheme since each subsystem only requires 2 x 2 ML de-
tection. However, this advantage cannot be exploited when we consider a limited-feedback
scenario. In this section, we propose a group-wise SIC combined with ML detection (GSML)
method to overcome this problem.

Consider the received signal expressed as
r =3%F,x +n. (4.24)

As mentioned, F is constructed from JF;, and still has an X-structure. In a limited-feedback
system, X (4, j) for i # j. This indicates that for a subsystem, there will be interference from
other subsystems. Therefore, we have to conduct M x M ML detection at the receiver, which
is not desirable. It is well-known that SIC is an effective method to achieve a good trade-
off between detection performance and computational complexity. For example, we can let the
received signal vector be re-ordered such that ', has a block diagonal rather than an X-structure.
In doing this, the transmitted symbols for a subsystem are grouped together. Let ¥, denote the
channel matrix whose entries are re-arranged according to the block-diagonal F,. Obviously,
3, still involves interference. To facilitate the use of SIC, we conduct QRD on X to obtain an
upper-triangular channel matrix. Let the QRD of X, be expressed as X, = Q,R,. Then, use
the GSML detection to obtain the estimate of transmitted signal. However, the above method

exhibits some problems. First, the ordering of diagonal entries in R, may be different from that
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in 3,. Specifically, the diagonal entries of R, have a trend to be with descending ordering. This
may result in performance loss since the subsystem first detected has higher probability to be
with smaller channel gains. Second, the subprecoders are designed based on £, instead of R,..
Hence, the QRD operations will make F, be far from the optimum solution. To overcome the
above problem, we still let F';, have an X-structure, and propose a method to realize the GSML
detection as described in the following.

First, we let the QRD of X be expressed as

> =QR. (4.25)
Hence, we can rewrite (4.24) as:
T
I 75 _
r=Qr= =RF,x+n (4.26)
Fr

Note that R (i,7) = 0 for i > j. Let ¥; and x; denote the received and transmit signal in the
ith subsystem, respectively. Also let F, ;) denote the subprecoder for the ith subsystem. Due

to the upper-triangular structure of R, we can express T; as follows:

R (i,17) R (i,i+1) )
r, = _ Fq,(i)xi +1; +n; (427)
0 RM—-i+1,M—i+1)

where i, is the interference vector introduced by other subsystems. Unlike the conventional SIC,
we hereby first conduct 2 x 2 ML detection for the %th subsystem. The ML detection searches
all possible 2 x 1 symbol vectors to obtain an estimate X such that

2

XM = min
2

XGX2 2

Far — RMF%(%)XH . (4.29)
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Note that x M is the %th and (% + 1)th components of x. Since x M has been detected, the rest
x;forj=1,2,---, % — 1 can be sequentially obtained with GSML. That is,

M
2

X; = min ||T; — Rin’(Z-)fci — Rqu’(j)x . (4.30)
xex? i=j+1
Also note that X, is the jth and (M — 1 + j)th components of x. Although the GSML method
exhibits low-complexity requirement, its performance is limited since we treat i; as channel
noise when detecting x;. Furthermore, the detection errors will propagate. This is an inherent
problem in SIC-based detection algorithms [61]. We now propose a method to alleviate the
problem.

From (4.29), we can see that if X in (4.29) is detected incorrectly, this detection error will
be propagated to other subsystems. As a result, the reliability of the final output, X, can be
affected adversely. To solve this problem, we propose using a list-based method combined with
GSML detection. The main idea is to reserve K, candidates for X, and choose the one with the
maximum likelihood as the final output. Let {}Ac(ﬁ)},f;l denote the set consisting of candidates
for the estimate of x M. The list-based GSML dQetection, referred to as LGSML detection, is

summarized as follows.

1. In the %th subsystem, use (4.29) to compute the corresponding distance for all possible

2 x 1 symbol vectors in X2,

2. Construct the set {&(Q},ﬁl in which the vectors provide the first A, minimum values of
2

distance in Step 1.

3. Conduct GSML detection for each }E(Q so that we can have K, candidates of x, denoted

2
by {xM},.
4. Compute |T — RFx®|| fork =1,2,--- , K.

5. Choose the one with minimum Hf — RFx® H as the final output x.
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Compared to the GSML detection, the computational complexity of the LGSML method
will be increased. However, it is obvious that the detection complexity of the LGSML method
1s still much lower than that of M x M ML detection. Therefore, the list-based method can
be a good solution from the implementation point of view. The computational complexity

comparison for various detection methods is given in Table 4.1.

§ 4.4 Simulation Results

In this section, we report simulation results evaluating the performance of the proposed precod-
ing methods in limited-feedback MIMO systems. In simulations, the flat-fading MIMO channel
is considered and each entry of a channel matrix is assumed to be i.i.d. complex Gaussian ran-
dom variable with zero mean and unit variance. Also, the size of the spatial-multiplexing MIMO
system is 4 x 4, i.e., N, = 4, N, =4, and M ='4. In addition, we use (3.27) to implement
the subprecoder. The QPSK transmission scheme is used and CSI is assumed to be perfectly
known at the receiver.

We first evaluate the performance of the quantized right singular matrix. Here, we let the
subprecoder, F,, be unquantized. For the LGSML detector, the number of candidates is set as
3,1.e., K. = 3. The power allocation between subsystems is not applied (WPA), reducing the
feedback overhead. Figure 4.2 shows the simulation results. From the figure, we can see that
the codebook with larger size can provide better performance. However, as the the size of the
codebook is increased, the improvement become smaller and smaller. For the codebook size of
1024, there is still one dB loss (at BLER of 107?).

It is simple to see that the computational complexity of the LGSML detector is proportional
to the number of candidates. It is then interesting to know that how many candidates we actually
needs. Figure 4.3 shows the performance comparison for different /.. Here, we let By = 1024
and B, = 4. In this case, the overall number of feedback bits is log, (1024) + 2log, (4) = 14.
Note that the LGSML detector with K. = 1 is reduced to the original GSML. As we can see, the
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performance is improved as K is increased. However, for K. = 3, the performance is almost
the same as that with 4 x 4 ML detector. This is to say that three candidates are sufficient for
the scenario.

Figure 4.4 shows the performance comparison between the precoded and unprecoded sys-
tem. In limited-feedback scenarios, we let By = 1024 and By = 4. Also, let X, = 3 in the
LGSML detector. Note that in the unprecoded system, we conduct QR decomposition first and
let Xy = (a1 M]T be first detected so that there is no interference from other subsystems.
As seen in the figure, the precoded systems outperform the unprecoded ones. As discussed,
unprecoded systems require 4 x 4 ML detection and the computational complexity is high. Al-
though we can use the GSML or LGSML detectors in unprecoded systems, its performance will
be inferior to that of the precoded systems with the same kind of detectors. For the LGSML
detector, the performance gap between the precoded and unprecoded systems is about 2 dB (at
BLER of 10~%). Note that we only have to féeedback 14 bits in this case. For static or slowly fad-
ing channels, the method proposed in this chapter can be a good precoding method for MIMO
systems. In Figure 4.4, we also show the performance of the K-best algorithm, a well-known
low-complexity ML detection method. Let K denote the number of candidates in the K-best
algorithm. For unprecoded systems, we can see that the K-best algorithm provides a compara-
ble performance with the LGSML method for the same number of candidates (K = K, = 3).
Figure 4.5 shows the detection complexity comparison for different values of M. As we can
see, the required multiplications of the K-best algorithm are higher than those of the proposed
detection methods. The reason is that the K-best algorithm requires to evaluate its candidates at

each processing stage; however, the proposed LGSML only needs once.
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Table 4.1: Complexity comparisons for detection methods

Detection complexity comparisons

Scheme QRD Number of multiplications
GSML O(N,N?) | 3L+3+@BL+3+M)(M —1)
LGSML O(N,N?) | 3BL+3+ BL+3+ M) (M -1)K,

K-best algorithm || O (N, N?) 207 + 2L + KL (M? + M — 6)

M x M ML X LM + [
Tx
Rx
e . MIMO
1S|  Spatial * ML-like
| Multiplexer a@_ ¢ Channel T . Receiver |
j L Precoder Selection
Criterion
Feedback Link l
Codebook Codebook

Figure 4.1: System model for a limited-feedback precoding MIMO system.
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Figure 4.2: Performance comparisons for different sizes of F;.
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Figure 4.3: Performance comparisons for different values of K.
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4 6 8 10 12 14 16 18
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Figure 4.4: Performance comparisons for unprecoded and precoded systems with N; = 4, N, =

4, and M = 4.
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Chapter 5

Conclusions

In this dissertation, we have investigated the precoder design for the ML detector in MIMO and
MIMO relay systems. It is known that the optimum precoder can be found by maximizing the
free distance. However, this optimization problem is difficult to solve. To overcome this prob-
lem, we first considered a simplified precoding scheme, namely, transmit antenna selection.
Instead of maximizing free distance itself; we proposed using a QRD-based lower bound as the
selection criterion. For further performance improvement, a basis-transformation method was
proposed so that the QRD-based lower bound can be further tightened. We have shown that the
proposed methods can be effectively applied to other scenarios such as receive antenna selec-
tion, and joint transmit and receive antenna selection. Although antenna selection is simple, its
performance improvement may be limited. We then considered precoding with X-structure, a
simple and effective precoding scheme for the ML detector. Most existing subprecoders require
numerical searches in design and table look-up operations in run time. To remedy this problem,
we proposed using the GMD design method combined with a rank-deficient subprecoder. The
proposed method was then extended to the joint precoders design for a two-hop AF MIMO re-
lay system. To facilitate the derivation of the precoders, we applied an iterative method solving
the source and relay precoders, repeatedly. With some mild assumptions, the precoders can be

efficiently solved by the KKT conditions. Finally, we investigated the X-structured precoder
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design in the limited-feedback scenario. We proposed a low-complexity detection method so

that the performance loss due to quantization error can be mitigated. With a small feedback

overhead, the proposed precoders can still be effective in MIMO systems.

In concluding the dissertation, we suggest some possible topics for future research.

1.

In this dissertation, we only consider antenna selection in a single-carrier system. Nowa-
days, multicarrier systems, such as orthogonal frequency division multiplexing (OFDM),
are widely used. As a nature extension, the proposed selection method can be applied in
such system. However, note that basis-transformation must be conducted in each carrier
and this requires high computational complexity. Hence, how to design a low-complexity

selection criterion for MIMO-OFDM systems is an interesting future work.

In this dissertation, we only study a two-hop AF MIMO relay system. In such system,
there is only one relay node. In a general relay system, there may be multiple relay nodes
and multi-hops. Hence, how to conduct antenna selection or X-structured precoding in

the system can be challenging and deserves for further research.

. In two-hop AF MIMO relay systems, the relay precoder is derived based on the diagonal-

ization of an equivalent MIMO channel. Although this approach is simple and effective,
it may suffer from performance loss due to its sub-optimality. The derivation of the opti-

mum relay precoder is still an open issue and deserves further research.

In this dissertation, the proposed precoding method in limited-feedback scenario is simple
and easy to realize. However, the number of quantization bits may become large when
a large-size MIMO system is considered. How to reduce the feedback overhead with

limited performance loss also deserves further studies.

. In this dissertation, we only consider X-structured precoding in limited-feedback MIMO

systems. The extension to a MIMO relay system will be much more difficult and com-
plicated. For example, the CSI of the source-to-relay link may not be available at the

destination in real-world systems. How to solve this problem is also an interesting topic.
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6. In the limited-feedback scenario, the codeword is selected by evaluating all possible code-
words in a codebook. This may lead to high computational complexity for a large-size
codebook. Hence, designing an codebook allowing an efficient codeword search also

deserves further research.

7. In this dissertation, we only consider single-user environments. In real-world applica-
tions, however, the transmitter may serve multiple users. Since multiple-user interference
will result, the precoding problem becomes much more involved. Whether or not the

X-structure can still be used can server as a subject for further investigation.
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Appendix A

§ A.1 SVD-Based Lower Bound with Transformed Symbol

Vectors

In what follows, we will show that the SVD-based lower bound can still be used when a trans-

formation is conducted on x. Starting from (2.16), we can rewrite the free distance as

] S/
dfree = min HHP (X X)H

N N
%% e XM xtx! ||X X ||

% — x| (AD)

Using the Rayleigh-Ritz theorem, we can have the following result:

[H, =) o Hy = X))
o Somin-s—————
% — x| e |[X = X|

= \y (A2)

where )y, is the minimum singular value of H,. Consequently, we can have the modified

SVD-based lower bound expressed as
dfree Z S\Mdmin(‘)EM) (A3)

where dmin(él_’ M ) is defined as (2.5). From (A3), it can be seen that the SVD-based lower

bound is still valid though the entries of x are correlated. However, dpi,(X") is no longer

straightforward to obtain. Finding d i, (X™) may require an exhaustive search algorithm.
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§ A.2 Evaluation of (2.27)

For the ease of description, we assume that the symbol vector is scaled and shifted such that
the symbol before and after the transformation are located on the same lattice. As defined,
for an M x M MIMO system, the LR-transformed symbol vector will be x;g = P~'x. Let
XIR = [TLR,1; TLR2, - - - ,xLR,M]T. Denote the (n, k)th entry of P! as Pnl’k. Then, the nth entry

of x; g can be obtained by

M
I
Tirn = Y P gy (A4)
k=1
Note that PT{ x 15 a complex integer, and g, 1S a combination of x, zo,..., and z,,. If

7 has S constellation points, z1r, may have S constellation points. As we can see, the
number of the constellation points for z 1 ,, can be greatly increased. As defined, dyin(Xir ) =
min |z, — x,|. Note that dpin (XLr,») is changed only when no constellation points are allocated
in neighbor. Besides, dpmin(XR) is changed only when all d i, (Xir»)’s are changed.
We now use an examples to illustrate-this property. Consider a 2 x 2 system with QPSK
modulation for each transmit antenna. Let an LR matrix P be given by
2—-17 4+15

P=
1 1+1j

Assume that the minimum distance of the original symbol constellation is g. That is,
dmin(Xl) - dmin(XQ) - dmin(XM) =4.

Note that LR makes the transformed vectors located on the original constellation lattice. There-
fore, we can have the result that di, (Xir1) > ¢ and dpin(Xir2) > ¢. Figure Al shows the
constellations before and after the transformation. It can be seen that d;, (XLRJ) > ¢ while

dmin (XLr2) = g. As defined, we have
dmin(XLlR) — min{dmin(XLR,l)a dmin(XLRQ)} =4g. (AS)
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Figure Al: Symbol constellations in which dyiy, (XL1R) = dmin (X M ) (M = 2, x: original

constellation, e: transformed constellation).

From (A5), we can see that dpin (X)) = dmin(X? ) when at least one of {dumin(Xir 1), dmin(Xir2)}
is equal to g. This result clearly indicates that dmin(X]}R) is larger than ¢ only when all dyyi, (AR ;)’S
are changed simultaneously. Fortunately, the case that all d,,i, (Xir;)’s are changed can be of
very low probability when M increases. From simulations, we found that the probability of
dmin(X'R) # g is about 1073 for M = 2, and it can be lower than 10~% when M = 3. Thus, we

can assume that the value of dp,;, (X]'y) is the same for all candidate channel matrices.

§ A.3 Proof of (2.28)

In the CLLL algorithm shown in Table 2.2, the reduction operations are performed on two
neighbor columns sequentially, from the left to the right column pairs. Consider a candidate
channel matrix H, with its QRD expressed as H, = QR. For the (m — 1)th neighbor column
pair of R, the swap will occur when the condition that 6 | R,;,—1 4,1 |2 > |Rpm |2 +|Rm—1m |2 is

met, where m = 2,3, ..., M. Let TI®") be a permutation matrix that swaps the (m — 1)th and
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mth columns of R. We can have HpH(mfl) = QRII™ Y = QR'. Then, the Givens rotation

matrix ®, expressed as

H

/ /
(Rmfl,mfl Rm,m—l
l i
@ — ’ R‘(m—l:m,m—l)” HR(m—l:m,m—l)H
/ /
m,m—1 m—1,m—1
I 1
’ R(mfl:m,mfl)H HR(mfl:m,mfl)H

is applied so that R’ can be transferred into a upper-triangular matrix denoted as R”. Letting

" _ /
(m—1:m,m—1:M) — G)R(m—lzm,m—le) ’

we can have
2
2 (|I%mfl,m|2 + |Rm,m|2)

|RY,| = (A6)
w
Ry vm|” | R’
\R’Q’J?:' L1 [Rmm] (A7)
w
where w = |Rm,17m|2 + |Rm,m|2 is a real-valued mumber. Then,
2 2\2
‘R// ‘2 . (|Rm—1,m| + |Rm,m| )
11 =
w
— |I%m71,m|2 i€ |-Rm,m|2
> | Ryl (A8)

Notice that § |Rm,1,m,1|2 > |Rm,m|2 + |Rm,1’m|2, which means |Rm,1,m,1|2 > |Rm,m|2 +

|Rm,1,m|2 since 0.5 < § < 1. Hence, we have
B |* = Rl + [ Ronn|” < | R rm | (A9)
From (A8) and (A9), we know
|Runn|” < |RIL|" < |Ron1m | (A10)

Next, we will show that ‘R’Q’Q ‘2 also has the similar property as that in (A10). First, | R, ‘2 can

be expressed as
‘R// ‘2 _ |Rm—1,m—1|2 |Rm,m|2
2,2 w
o |}%m—1,m—1|2 |Rm,m

2

(Al1)
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Using the fact that | Ry, n|” + | Rin—1m|” < |Rm—1.m—1|’, we can have

2 |}%m—1,m—1|2 |Rm,m 2

> 2
|Rm—1,m—1 |

|R; = [Ryml” . (A12)

Second, it is obvious that | Ry, _1 m|” + | Rimm|” > |Rm.m|’. Therefore,
<

/!
2,2

N R m|?
= Ryt m] (A13)
Combining (A12) with (A13), we have
[Ringnl” < |Roo|" < | Rincryna (A14)

Using (A10) and (A 14), we can see that when the swap operation occurs at the (m—1)th column

pair,

2
}

< max{‘R/{’l‘? ) ‘Rlz’,z‘Q}

| Ry > S ninf|RY ||, | R,

S |l%m—1,m—1|2 : (Als)

Then, we consider the condition for § |Rpy_1m_1|° < |Rumm|” + |Rm-1,m|"» where the swap
L : 2 2
operation is not conducted. Obviously, | Ry, m|* = |Rj,|" and [z —— |RY,|". Note
that, in this case, we cannot determine if | R,;,— 1,1 |2 or |Rm,m|2 is larger. Taking this case into

consideration, we can have the following inequality:

min{| R 1m-11" s | Ringm|*}

< min{| R}, ", |Ry,|"} (A16)
< max{|RY,|*,| Ry, "} (A17)
< max{|Rp 1m 1> |Rmm|’}- (A18)
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From the results of (A16)-(A18), we observe that the swap operation in the CLLL algo-

(m—
min

rithm can enlarge the value of min{|Rm,1,m,1|2 , |Rm,m|2}. Let [R] U denote the mini-

mum diagonal entry of R” when the CLLL algorithm has processed the (m — 1)th neigh-

bor column pair. Note that [R]g’fn_ Y is not necessarily identical to min{|Ry—1m-1, | Rmm|}-

Also let [R]frln)n = [Rmin- Besides, we can see that [R]fn]\ifl) > [R]frln)n when the CLLL

algorithm has completed its processing. Since [R]%fl) = [RLR|min,» We can conclude that

[RLR]min 2 [R] min-
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Appendix B

§ B.1 Proof of (3.57)

Let x be fixed and define two functions f (y) and g (y) as:

fy)=exp =" (B1)

9 (y)=wyexp™*Fwyexp? (B2)

where we assume y > = > 1 and w; + wy = 1. The problem now is to prove that f (y) < (y).
Assume that both f (y) and ¢ (y) are continuous and differentiable for y > x. Then, we can

rewrite f (y) and g (y) as:

F) =1 @)+ / " p () dy (B3)

9(y) =g (x)+ / ' g (t1) dty (B4)

where f'(¢1) and ¢’ (¢,) denote the first derivative of f (¢1) and ¢ (¢;) respectively. From (B1)
and (B2), it is easy to verify that f () = ¢ (z). Hence, the problem is equivalent to showing

that

Yy Yy
/ P (1) dty < / ¢ (b)) dts. (BS)
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It is simple to see that if f’ (¢1) < ¢’ (t;) for t; > x, then (B5) holds true. Consequently, f’ (¢)

and ¢’ (t1) can be expressed as:

P (1) = —wpr™ exp™@ 07 g2 (B6)

g () = —wyexp . (B7)

Since —wy < 0, we see that the conditions f’ (t1) < ¢'(¢1) and ;—;f’ (t1) > ;—;g’ (1) are
equivalent. It can be seen that both ;—; f'(t1) and ;—;g’ (t1) are positive values. Define two

functions f; (¢1) and ¢y (¢1) as:

—f'(t)

fi(t) Zn w =wyInz — wy Int; — z"1¢}? (B8)
2
/
—g (1
g1 (tl) £ In gw( 1) = —1;. (B9)
2

Hence, the problem now is equivalent to proving f1(£1) > ¢1 (¢1). Using the similar method as

that in (B3) and (B4), we can first rewrite 1 (¢;) and gy (¢;) as follows:
t1
i (1) = Fe S s i ®10
t1

g1 () = g1 (v) +/ g1 (t2) dts. (B11)

It can be verified that f; (x) = ¢; (z). Hence, if f] (t2) > g (t2) for to > z, then f; (t;) >
g1 (t1). From (B8) and (B9), we have

fi(t2) = —% — 252w, (B12)
2

gi (t9) = —1. (B13)

For t, = = > 1, we have
F(t2) e = = — a1 L
T
wh
= —— — ’U)2
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For to > x > 1, we observe that % < 1land

> —wWp — Wy = gi (tg) . (BIS)

From (B14) and (B15), we can see that f] (t3) > ¢} (¢2) for any given t5 > x. With this result,

we can conclude that f (y) < g (y) for y > x > 1, which completes the proof of this lemma.

§ B.2 Proof of (3.58)

Using Lemma 3.1, we now can use:mathematical induction to prove Lemma 3.2. Without loss

of generality, we can assume that dgechi > diree2 > -+ > dpeen. Letting wy = wy = %,
d? a2, . L .
y = =3+, and x = =%, we have the following inequality:
_ ?ree,l free,2 ]_ _d?rcc,l ]_ _d?rcc,Q
exp T < S exp 1 +§ exp 1+ . (B16)

From (B16), it is obvious that (3.58) is true for A/’ = 2. Then, we assume that the statement in

Lemma 3.2 is true for M’ — 1 (M' > 3). That is,

2

1 P
_1 d: d2 ...d2 M -1 ]_ _dﬁ'cc,l 7d?rcc,2 - free, M/ —1
4 ree,1 “free,2 !
eXp 5 s free, M/ —1 < exp 4 _|_ exp 4 _|_ e + exp 1 .

=M -1
(B17)

Now, for the MIMO system with M’ subsystems, we can have the following equivalence:

M -1

1 M7 1

L il a2 a2 M1 1a2 M

_1 d2 d2 w.d? M 4 ree,1 " free,2 free, M/ —1 4 “free, M’
4 free, 1 “free,2 free, M/ — ’ ’

exp ’ ’ = €xp ’

(B18)
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Using Lemma 3.1 again, we obtain

1 M7 1
{1 d2 a2 ~d? M1 ld‘_) M’
4 free, 1 “free,2” free, M/ — 4 “free, M’
exp
1

’ a2 .\ M’-1 .
M’ — ]_ _<H£\i1 ﬂ) ]_ d%rcc, !
< — b 57 P Ean (B19)

Substituting (B17) into (B19), we can have the following inequality as:

1 M'—1 2
,% (d? 142 ?-..d::) M’) ! < M -1 1 dfree i 1 dffCC,M’
ree, ree,2 Tee, 4 B — 4
exp =T M- Z b g e
M'—1

d[ree i 1 d[ree,M’
g exp +— exp 1

1 free,i
= —Zexp_ T, (B20)
M 1=1

It can be verified that the equality in (B20) can be held when all dy..; are equal. From (B20),

we can have

M 2 M 7
D expT i > Mexp (11 i) (B2D)
i=1

which completes the proof of Lemma 3.2.

§ B.3 Derivation of (3.68)

The Lagrangian function in (3.67) can be express as:

2

M
ZO_ O_O-Rl rdi %(ZU?{J (Oz,r+B(i7i)Usr1 PRT) Z,U1UR1
=1

i=1 Ry rdgi nr+0nd

(B22)
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where 1 > 0 and p; > 0. By the KKT conditions for all = 1,2, --- | M, we can have

ac _U?z,iazd,iag,r + 0% 400 (U?z,iazd,iag,r + U?z,d) — 0R.i0rdi0ns

dog,; ThiTra, (U?z,iagd,iag,r + Orzz,d)Q
1
+— L ( rt B (Z Z) Osr z) - :U’io—?%,i =0; (B23)
1 i, op; > 0; (B24)
1i0h; = 0; (B25)
1 (M
- (Z 0% (02, +B(i,i) 02 ;) — PR,T> = 0. (B26)
A ’ ’
Using (B23), (B24), (B25), and (B26), we can have
2 2 2

0_2 . Mo-nd + Un,d Un,d

Ri — — 53 5 -

Urd z072l r ( + B (Z Z) Or 1) 20—3(1 zO—TQL T 20—3(1 ’LO—TQL r

§ B.4 Derivation of (3.80)

Similarly, the Lagrangian function in (3.79) can be express as:

T

2 2 T
KiORi0rd, 1 .
'C:_Z 2 42 27_;0_2d+;<20—?3,i (0—72L,T+B(Z7Z)O—srz PRT) Z/"LZO—R’L
’ n, =1

i—1 R,i%rd,i%n,r

B27)
where 1 > 0, p; > 0, and k; is defined in (3.78). By the KKT conditions, we can have
2
Ry On.d 1
’ = , + B2, . B28
0% OhiOtaiOa, + 00y M ( (6,6) 05 Z) (B25)
Let ji; = pk; fori = 1,2, ---  r. From (B28), it can be easily verified that U?m can be expressed
as:
2
o2 — HiOp 4 i U?L,d U?L,d
Ri — — 52 5
' O'E(MO'?L r ( + B ('L 7’) Ogr z) 20_3([ 10721 T 20_3[[ 10721 T
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