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ABSTRACT

Recommender systems are popularly being used in e-Commence to encourage
consumers to purchase more products. In library, recommender systens can also be used to
help patrons find collections to borrow, and increase the value of library. In this paper, we
propose a personaized recommender system for library, which combines collaborative
filtering and content-based filtering recommendation methods. We hope patrons can find
books which fit their preferences through this personalized recommender system. In this
recommender system, first, we use association mining to discover association rules between
users and between books. Second, we take these associations rules to find user groups which
have the same preference for collaborative filtering, and build representation model for
content-based filtering. Finally, we use collaborative filtering to find a recommendations list
which contains books collecting from other patrons' borrowing history, and we would re-rank
this recommendations list by content-based filtering to cater to user’s preference. We
implemented this recommender system on National Chiao Tung University (NCTU) library’'s
personalized information environment “myLibrary” (http://mylibrary.e-lib.nctu.edu.tw/), and
the feedback received from users of library shows that most users satisfied with our

recommendations.

Keywords: Recommender Systems, Personalization, Data Mining, Association Rules,

Collaborative Filtering, Content-Based Filtering, Library.
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1 A/B,C EGH,I
2 A/ B,D,G
3 A /B EH,J
5 B,ElJ
7 B,C,D,F, G|
8 A, D EH
9 CFGH,IJ
23

G 4 4/6 = 0.66
C 3 3/6 = 0.50
D 3 3/6=0.50
I 3 3/6 = 0.50
F 2 2/6=0.33
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