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ABSTRACT

A multi-document summarization system can reduce the time for a user to
read a large number of documents. A summarization system, in general, selects
salient features from one (or many) document(s) to compose a summarization, in the
hope that the generated summarization can help a user understand the meaning of

the document(s).

This thesis proposes a method to analyze the semantics of news documents.
The method is divided into two“phases. The first phase attempts to discover the
subtle topics called concepts hidden in documents. Due to the phenomenon that
similar nouns, verbs, and adjectives usually co-occur with the same representative
term, we describe a concept by those terms around it, and use a semantic network to

assist the description of a concept more accurately.

The second phase distinguishes the concepts discovered in the first phase by
their word senses. The K-means clustering algorithm is exploited to gather concepts
with the same sense into the same cluster. Clustering can diminish the problem about

word sense ambiguation and reduce concepts with similar sense.

After the two above phase, we choose five features to weight sentences and

order sentences according to their weights. The five features are lengths of clusters,



location of a sentence, tf*idf, distance between a sentence and the center of the
cluster to which the sentence belongs, and the similarity between a sentence and the

cluster to which the sentence belongs.

We use the news documents of Document Understanding Conferences 2003

(DUC2003) and its evaluation tool to evaluate the performance of our method.

keywords : English news summary, feature selection, concept clustering
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company name
date of period
company performance {good, fair, poor)}
balance sheet data
4.1 revenue
4.2 net income (net income, income after tax)
4.3 asset
4.4 turnover (turnowver, sales)
4.5 earning per share (earning per share, value per share)
4.6 sales (sales, sales revenue, amount of sales)
4.7 loss (loss in sales, decrease in sales)
4.8 delinquency (mistake decision, wrong decision, poor investment})
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4.11 expectation gain
5. new product/service (good sales, optimistic sales value)
5.1 selling (good)
5.2 growth (good)
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6.1 overall performance (excellent, good, fair, poor, very poor)
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7. financial issue:
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7.2 amount get from public
8. major business acitivities:
8.1 amount earning
8.2 other income/loss (other investments, business)
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<NG>
<W C="NNP">A</W>
<W C="NN">car</W>

<W C="NN">bomb</W>
</ING>
<VG>
<W C="VBD">exploded</W>
</VG>
<NG>
<W C="NNP">Friday</W>
</ING>
<W C="IN">in</W>
<NG>
<W C="DT">a</W>
<W C="NNP">Jerusalem</W>
<W C="NN">market</W>
</ING>
<VG>
<W C="VBD">crowded</W>
</VG>
<W C="IN">with</W>
<NG>
<W C="NNP">Israelis</W>
</ING>
<W C="VBG">shopping</W>
<W C="IN">for</W>
<NG>
<W C="DT">the</W>
<W C="NNP">Sabbath</W>
</ING>
<W C=""T="."></W>
</S>

B 4 £ NLP Processor U2 % 7 POS & £

15




B 2z 47 %] 59948 57 (Open Class Categories)

POS Description Example
Tag
JJ A5 7% 9 (adjective) green
JIR g s A% % 37 (adjective greener
comparative)
JJS & % %A % 3¥'(adjective superlative) | greenest
RB #1377 (adverb) however, usually, naturally, here, good
RBR rb i % @) 39 (adverb comparative) better
RBS # B % &3 (adverb superlative) best
NN - 4% £ 3#(common noun) table
NNS 4§ $ & 2 (noun plural) tables
NNP £ 3 %3 (proper noun) John
NNPS #f #ict 3 % 3% (plural proper noun) Vikings
VB # 37 (verb base form) take
VBD #5318 3 5% (verb past) took
VBG # %3 (gerund) taking
VBN ¥4 4~ 3 (past participle) taken
VBP 2L 5 = A fide 3@ (verb, present, take
non-3d)
VBZ ¥ = A ¥+ 37(verb present,3d takes
person)
FW *t & = (foreign word) d'hoevre
4t B #¢ %] cr4d 4 (Close Class Categories)
POS Description Example
Tag
CD #cF (cardinal number) 1, third
CcC 1 $:37(coordinating conjunction) and
DT 4p %5+ (determiner) the
EX there % # 37 (existential there) there is
IN 4 % 3 (preposition) in, of, like
LS 71| % %42 5 (list marker) 1)
MD #% # 3 (modal) could, will
PDT % *T ¥ 37 (predeterminer) both the boys
POS #7325 k& (possessive ending) friend's
PRP A L & 3#(personal pronoun) I, he, it
PRP$ 73 1% % 3P(possessive pronoun) | my, his
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RP B ¥ (particle) give up
TO to (both "to go™ and "'to him") to go, to him
UH R "L 2@ (interjection) uhhuhhuhh
WDT WH ¥ £z *2 23 (wh-determiner) which
WP WH B #g ¥ % % (wh-pronoun) who, what
WP$ WH B 8¢ 75 & i 3% (possessive | whose
wh-pronoun)
WRB WH ¥ £ &|37(wh-adverb) where, when
1 iiikse

3.1.3 @iz #& 4= (Word Stemming)

WEir4r 0 8.2 HA & & (Morphology) t e Al s i > @ FEER
NF R B Rk HP R RT MR RJLRF A AEFRLT
5% - $hle & E e tkens o fPorter (i 52 P [6] 0 A & e SN E2 H¥r L 4
FiRhFER ) BRE AN VERNE G T IEUERT > L EX 7

gﬁ‘?’};ﬂ]ﬁ;_}mfﬁﬂ o F 2N b F RFMGE B E 2 enld % o
Term Result
caresses caradl
ponies poni
ties "
caress caress
cats cat
feed feed
agreed agree
disabled disable
matting mat
mating mate
meeting meet
milling mill
messing mess
meetings meet
% 2 F @ 5iF stemming 2 {5 e it
G (AR KLt 2 kP EPEAE R B R WA (FAN 2




B E G R NMATE R R R AR R o SRR $ 0 2 1
i

PR3 RS - P € ) LEARY FRFRENT A L
B 3% > ]4e @ next month ~ recent years ~ a critical point - iz ¥ 2F ¥ iy H —g - i
—?ﬁlu‘lfr’%/é %i%‘ﬁﬁg% BTN A E FROK o ”’Tlfﬁ‘ﬁjf@,@_{zr%ily <4
PR B Al RS B iR ’rgmww S TR ST A S 3
&*Ei%ﬁ&~t’fﬁm““ﬁ%ﬁm#¢i&9ﬂﬁ&mgﬂMMd

Sense Ambiguity) o

A L RN T PR R S 2T

s o R A2t BRI e S R R b - e E o S
FRA N 2R N R AR T AREEES T L ATH P D B R Fi
F2- S i 5 o

Federal prosecutors in Manhattan said Wednesday that one of the men accused of
conspiring to bomb the U.S. Embassies in Kenya and Tanzania in August had met earlier
with Osama bin Laden, the suspected mastermind of the attacks , and “asked him for a
mission.” (Source : d30005t/NYT19981007.0383.xml)

Bl 5 el ¢ o 4 Federal prosecutors(® 2% % F ) ~ the U.S.
Embassies(# B ~ i 4) + Osama bin Laden(# @35 % #~ %) ~ the suspected

mastermind(4 5% J=) ¥ » FREET L3 F3F 0 F Bl BT U A G HPIE 935D

Lot dekd BFwkgad > 372 2250 R WAL

E-D
W
s
o
=
#

2> > 22 s , 4 2z = N S N 2y > "z 3 A > 55 Ny
HRER o TUIRB D RN P F T UG S A F B o L dant e i



NP REEES SRS NN TS EECT SR S R DA

FA o AR RWEFES LB LR e PR MR o B 6 S

federal prosecutors in manhattan said wednesday that one of the men accused of
conspiring to bomb the u.s. embassies in kenya and tanzania in august had met earlier with
osama bin laden, the suspected mastermind of the attacks , and “asked him for a mission.”
(Source : d30005t/NYT19981007.0383.xml)

Bl 6 & ] B2 %% &0
3.1.5 i®* 7 (Stop Words)%“lj",éf

B FAp R Y R G R R AT M TR R e Vo e

B 30 s 3 30 s e VB E o p s B 3 g F o v 29 AR e

N

MOOEFFEFRERAAATE 0 F LB FIL RN K R L
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: the p in to of
a and that said with for is
was u he from have he not
had by it they who been on
but has new an as where at
be which el states about him you're
whenever | wherever | whom willing written yet

% 3 B F L A4

PPLAHEE AT ) H- AL GBRg A nE L BB RN L -

BES Heng i 0 g i 01 L ALk AR 43 B
#‘ii*—”‘rﬁ“%\- ;&19[21]0 +\. Fﬁmﬁ,zil,(—q ]-L\:l m?é?é’%{?;?%;%gf%{
v

FEA i b o 7 Silladr % 4 gy

2EFE MFRLNE B LR A ARER AT AE Y P 1L TR-IDF 53t 2 2 &

Pl 5 enFME - 1 E @ wf5 2 (Context) 73t Rfg il 4 » T HPEL 4o 2

KRR B LS e i A s e AR

-~ \‘\

R s o AN AL E 77;‘;,;

F_k

Bbe- BHRRER I BT R oo HABRE Y BRTAHERY FFEFF

7 & K@i E #s 3 f o B E 255 weighting=TF*IDF(Term

Frequency*Incerse Document Frequency) > TF £ 7% F @ bk 2 &

I

CRIE NS
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% 5 IDF 47 323 0 i ehe Bl FHIES o B 2840 25t 2

freq. .
tf =—n freqi; (45 ki 37 {F dy 1 posiss
" max, freq, ! o TR
1 N . IrpL I s . . Y= gL N 72 7
Idfi=logz;; N PFIREE s kg EER
i
w, ; =tf; ; xidf; wij t kT dj FOREE
S 4258 2 TF*IDF 2 3¢
% 4 B o7 TF*IDF &t 53 (AR f-25 60 F R o
Word Document Total Freq log(N/n)
D1 D2 D3 D4
w1 3 2 2 3 10 0
W2 0 5 1 1 7 0.1249
w3 2 0 5 0 7 0.301
w4 0 3 0 0 3 0.602
Word TF Weight=IDF*TF
D1 D2 D3 D4 D1 D2 D3 D4

w1 1 0.4 0.4 1 0 0 0 0
W2 0 1 0.2 0.333 0 0.1249 0.0249 0.041
W3 0.666 0 1 0 0.2 0 0.3 0
w4 0 0.6 0 0 0 0.3612 |0 0

% 4 TF*IDF |+

247 BERAr B3 Mg B3 o AP0 WL W2~ W3 - W4
Aultw B g ¢ D=t o T Total Freq | &8 53tk » B EF U=
Bl RAR S D ARE R > PIWL i 5 € & hF > e 538 TR-IDF 3 5 2
6 WL - B2E7P r8 i3 FL TR og(N/n), i 4 cE_IDF - 3+
PR TR NR A FHENIETIloge T TR ) S48 H - ~ 355 Do

Foo AR IO S R ehiE T 5 2 i (Normalize) « % i BRI EE 2

TF-IDF &5 % e §

o
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TF-IDF chE 2 7 % kB s BB R~ 59 > NRIFFFehT 4 o
24%F o WLEBFREIDFA@AZE 4%t ho i £

2

R ART i ARG - A A - Bl 3o FPl K7

i

NI Lo B

T - B

l
+

7

EECR e VAR A RN E SRR S S

R AH- BRI R o BEFCRPE AT HET RN S
B PEE S § 1 o T e I AP R E R TR-IDF B £ duh 250 0

GREFNT R RFT- BHF > it - BIEA > ETIA S HE

h- e 27 ok ARt E - EEFOE P ARF < IRe
FAp i en[7]e & PRz B B2 2 = frp B Ik e 4 1% 3% F (Candidate Concept)
eI AZPEA o {82 Ry WO MMM A E R
H I “f%’%f\ﬁ Fgend B0 2 R SRae IR
4 BbldeCondemn(GE i )feintensively(se @]) S mb- 42> FPr g L& F

ROFITOF AL SRR TR L P A

PR FE F APl (R - o E 0 PE T LR R Y TRA
- B RRE FWA LA B AR R 5 R S & [7I[9][10][14][17] - 7]
P ESE R PR A B E F £ PE i & e (Part of Speech) o @ 45— HL L3 -

WL~ B L ARG LR 2 R MARE TN R -

AP ikE- B EE ROV R oS MR ¢ LR
FooEE Y F TR A c AN AL T G PN |

16 MB3 XY TREMADT R 0 TRt f4 Lo R GET
pa:l

\

AR AT E R YEN ) BE 2 AL E R B T2



40
Sl

AR ITETHN-MA BREAR T IR METEO BT R et
AAP g By 20 11 BF R auBEIGE T P BT A e liefiid
FATE2 BF R[12]c rdHm 2 P %G > BSETT N-M & &35, 7
A EEPET RS DR B Bh] B A ERD Y TR E R -
Lo EL R ARIOA AR PP FFEFPEA o Fla 2B FREEAE

WEE MR ER PPN FEL RAEIE ) R TS FENEE[1T]

F_DUC2003 eh~ 2 2 @ » - | ATH < & 57 oo 0 i AT

BONN, Germany (AP) _ German police raided several locations near Bonn after receiving
word of a terrorist threat against the U.S. Embassy, but no evidence of a planned attack was
found, officials said Wednesday.

Source : d30005t\APW19981104.0772.xml

Concept Index Description Length

German police | German police, raided, several locations, Bonn, receiving, word, a 6

terrorist threat

several German police, raided, several locations, Bonn, receiving, word, a 8
locations terrorist threat, the U.S. Embassy
bonn German police, raided, several locations, Bonn, receiving, word, a 9

terrorist threat, the U.S. Embassy, no evidence

word German police, raided, several locations, Bonn, receiving, word, a 10

terrorist threat, the U.S. Embassy, no evidence, a planned attack

a terrorist threat | raided, several locations, Bonn, receiving, word, a terrorist threat, the | 11

U.S. Embassy, no evidence, a planned attack, found, officials

the U.S. several locations, Bonn, receiving, word, a terrorist threat, the U.S. 11

Embassy Embassy, no evidence, a planned attack, found, officials, Wednesday
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no evidence Bonn, receiving, word, a terrorist threat, the U.S. Embassy, no 10

evidence, a planned attack, found, officials, Wednesday

a planned receiving, word, a terrorist threat, the U.S. Embassy, no evidence, a 9
attack planned attack, found, officials, Wednesday
found word, a terrorist threat, the U.S. Embassy, no evidence, a planned 8

attack, found, officials, Wednesday

officials a terrorist threat, the U.S. Embassy, no evidence, a planned attack, 7

found, officials, Wednesday

Wednesday the U.S. Embassy, no evidence, a planned attack, found, officials, 6

Wednesday

305 W R b

R e ST

T

it enge bl - o ¢ i 1LERE AR
B A RSkl o LR TR E et R - ol
WHEA 2 N EF Y NS RPEL aE w0 (T A PR G T L L E
AW enip iR 5 2 Aok Ry RE R P R AR RE 0 s EER AR
—H2Z? G EAAH A S EPA Y MRS T R 0 L R ek B e A
BUARIT SR & (i gt > 4 g R TP FARIT 0 A A Bl - FP o ST
FoitehF R0 e BAT U RBAPITOME KINEART SR F A A T - H

BT A H S S o

34

' F g Fl s R iEhT R0
Yz a > FALERHEMA

AFH O APRERF L - S ER e T FLRR R R EFIER
PLA o35 R B:(Semantic Network)shi®;2 5 4p ¢ % f&> 2V i ¢ * g = i (Stanford)

< FAarg g I ke £ 1 £ Infomap[5] -

~

Infomap[5]4= — B> 2 &%+ - K> & A2

R R N §
- Bred e E RBF R - B F(Window of Text)z p i ch=t ek S =
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FRAT AR L e I ZF e BV L aF ALY 20 5 B
Flens w435 79 A X saerE (Co-occurrence Matrices) ¥ =+ — 71 (Row) & 4 —

B & - FRE- BPEE B SE T 9 IR G3% 4 e dic - Infomap

A

A 2 RSt g BFE R AR e d AR - B2

i

F_L
et

i)

LAEERE T SRR p)=IE S & Sl i#ﬂj’ﬂgf_ - BIE AT oo Bldr
# @ 85 umpire & referee FE L 7 R DL > ARG 2R R

#Fliea BF o 7 Infomap #* T £ 3R (Coocurrence)sri 58 kit o — B

ok B 3 AV IR EE 53F 37 113 L 2L ~ F (Content Bearing Words) » £ 37 41— ¥
%ﬁ%@’EE%%@LP%E—%iﬁ%%ﬁgii~£ﬂﬁ%ﬁ$’%#

'
f

PEMF AL AEERELEG o Bl 7 ZHRELDEH c EUPFLAFF S
"Music ;~TFood ;> AAFEFEL G FLGFHINUE DS RA DT 738 P

ERR AR MG E A e

HOT-FROM-THE-OVEN MEALS: Keep ““Change is always happening," said the ebullient
hot food HOT; warm isn't good enough. Set trumpeter, whose words tumble out almost as fast
the oven temperature at 140 degrees or as notes from his trumpet. ~"That's one of the
hotter. Use a meat thermometer. And cover wonderful things about jazz music." For many

with foil to keep food moist. Eat within two jazz fans, Ferguson is one of the wonderful things

hours. about jazz music.

eat hot jazz meat trumpet
Music 0 0 3 0 1
Food 1 2 0 1 0

Rl 7 Semantic Network % JL4E"L § 5][5]

ERAEHDEE > FHF 2 Fick e BN AF L L R F L
W Apiren o Infomap € JI* R REE > T RSP F e R aEE 0 LI A5

(Cosine) %k t* i & erfp R o
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B fs® % 4% B &4 f2 (Singular Value Decomposition, SVD)[18] " i ‘&

B BigflrpzyiedipZ o tafpinig > @5 - BFLER -

B 8 52— B&]F kP Infomap 3 & 8 > 12 Tattack | =B ¥ 3563

LRERDBFD A 20 g

Crobbery
Cmmlmgi™

B 8 Infomap =73 &, 4 i § H][5]
Informap ¢ A MAEE? B HFEF £ b HIRHF 4% 17 Tattack | h% -

RAR I E R oo B RS N— ken RETURE S 4 LM % o G b PRA PE

rFRER VL R R RER
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BONN, Germany (AP) _ German police raided several locations near Bonn after receiving

word of a terrorist threat against the U.S. Embassy, but no evidence of a planned attack was

found, officials said Wednesday.
Source : d30005t\APW19981104.0772.xml

Concept Index Descript Length
Add Semantic Network Length
German police | German police , raided, several locations, Bonn, receiving, word 6
German police , raided, several locations, Bonn, found, Wednesday 6
several German police, raided, several locations, Bonn, receiving, word, a 8
locations terrorist threat, the U.S. Embassy
German police, raided, several location, Bonn, receiving, word, a 8
terrorist threat, the U.S. Embassy
Bonn German police, raided, several locations, Bonn, receiving, word, a 9
terrorist threat, the'U.S. Embassy, no-evidence
German police, raided, several locations, Bonn, receiving, word, a 9
terrorist threat, the U.S. Embassy, no evidence
word German police, raided, several locations, Bonn, receiving, word, a 10
terrorist threat, the U.S. Embassy, no evidence, a planned attack
German police, raided, several locations, Bonn, receiving, word, a 10
terrorist threat, the U.S. Embassy, no evidence, a planned attack
aterrorist threat | raided, several locations, Bonn, receiving, word, a terrorist threat, the | 11
U.S. Embassy, no evidence, a planned attack, found, officials
raided, several locations, Bonn, receiving, word, a terrorist threat, the | 11
U.S. Embassy, no evidence, a planned attack, found, officials
the U.S. several locations, Bonn, receiving, word, a terrorist threat, the U.S. 11
Embassy Embassy, no evidence, a planned attack, found, officials, Wednesday
several locations, receiving, a terrorist threat, the U.S. Embassy, no 6
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evidence, a planned attack

no evidence Bonn, receiving, word, a terrorist threat, the U.S. Embassy, no 10

evidence, a planned attack, found, officials, Wednesday

raided, word, a terrorist threat, the U.S. Embassy, no evidence, a 6

planned attack

a planned receiving, word, a terrorist threat, the U.S. Embassy, no evidence, a 9

attack planned attack, found, officials, Wednesday

receiving, word, a terrorist threat, the U.S. Embassy, no evidence, a 8

planned attack, found, officials

officials a terrorist threat, the U.S. Embassy, no evidence, a planned attack, 7

found, officials, Wednesday

receiving, a terrorist threat, the U.S. Embassy, no evidence, a planned | 7

attack, officials, Wednesday

Wednesday the U.S. Embassy, no evidence, a planned attack, found, officials, 6
Wednesday
a terrorist threat, the U.S. Embassy, no evidence, a planned attack, 6

founds, Wednesday

EANCE RS TN e

A 6 enge GIF A R ARy aE = s 2 @ Infomap gy i 5N R
avirdy e L awg { Frr o bl4e £ R < @2 453 B A (the U.S. Embassy) -
&R A e it 2 7 Bonn ~ word ~ found ~ officials ~ Wednesday %7 B3 & > o

bR gerea2e TtheU.S.Embassy | B3¢ it 7 B3 325 A0 B c0Bf k0 F]

Ate T RERZ GV u,)j V\ls'?fé A5 0 & By it fE L o 3’:;;%;%—*{0

B2t~ LB 0 LR SR A § M A
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BE - H*Y e A EF T ANEEMEF HOT R T2 7 ¢ REIR A
BEF RS c A FLERF > KEPFTRIL AL BT RIw R
BPoder TRF¥IDF (& > 4o » 35 8 e BL 2 (8 7 0 Ao oRIE 5 87 Srhy sl e 4 1 R
FOM TR Flpt R H 'e‘f]*u{é_i‘g%c GEFRAGFLEOREM A oL T L - B
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BONN, Germany (AP) _ German police raided several locations near Bonn after receiving
word of a terrorist threat against the U.S. Embassy, but no evidence of a planned attack was
found, officials said Wednesday.

Source : d30005t1\APW19981104.0772.xml

Concept Index Descript
Weight

German police German police raided several locations Bonn
4.47734+X 4.47734+X 5.17048+X 5.17048+X
receiving word
2.97326 5.17048

the U.S. Embassy | several locations Bonn receiving word
5.17048+X 5.17048 2.97326+X 5.17048
a terrorist threat the'W!S. no evidence a planned attack

Embassy.

5.17048+X 2.97326+X 5.17048+X 5.17048+X
found officials Wednesday
3.56105 447734 2.97326

0T Ao NER R GE 2 g b

=N

i BT O R 60 g it g S

PERiE R R4 50 TG sk WHET REMASTIMER -
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- g2 @ oo e ek A 3 1w £ (Term Vector) » Angheluta % 4
[7]1+ &4 d SHpitcho 3 ¢ diah3 4o &4 Wk #3 5 (Covering {r
K-Medoid) > d st~ 32 %3 5 B o+ HRo? w8 Fla 7 g vtk o
+ HAp e #giu A e 2 McDonald [14] = #% 2138 > 3 B 5 ~ & & Rag i

e &3 & E(Document Segmentation) > d & EL2 ¢ [ 7 A B HETIER A S

4.¢
hy%
aid
=
v

F 7 i RE o TP Afae F g A g o o B I R e £d

B L B P ACER R RER

Ah2 P oG EEE M AIE RN RS A KA E o A
FET AT e A 8 L -~ 3l 7 g (Partitioning Method) ~ =~ B
i (Hierarchical Method) = 44 = 2 &.¢ | AT ALE ¢ HF R R EE HFTH
PEfR s i o o PR et e R B e ] 0 B L E B N2 %
BFF R PP -2 et S B R NIRRT M- B s R
[11] - DUC2003 115 & /G dedp 104 SEARTH ~ @RI 4 — 427 > ¥ 43
WeEI 2 15 & BATR ALY G 20000 BREA  FISER R Y A1 2 kA

T @ * s 2 K-means o

K-means 1 K 5 S8k >+ n B2 5 KBEE > n EEN £ 5 BR3P
Fp iR P BRI AR BRI ARG BEREY P ET

i kit 7 [11] -

K-means i# & i# g2 infede™ o F L L ER K B2 £ B2
M- BEBOTIDENS o HflbpenE B BB L BEEY v
BEdL > MU g R BT R R RS L EFES BR BT 0 c G hEAR
FETEAE 0 - B P HETRER Sofcjtar e W o HIETRER S T A ER

(Squared Error Criterion) » #_% 4> #2354 3:
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Concept Index

Concept from which Sentence

ER
no evidence found, no evidence, a terrorist threat, a planned attack ,the U.S. Embassy

BONN, Germany (AP) _ German police raided several locations near Bonn after receiving word of a
terrorist threat against the U.S. Embassy, but no evidence of a planned attack was found, officials said

Wednesday.

a planned attack the U.S. Embassy, found, officials, no evidence, a planned attack

BONN, Germany (AP) _ German police raided several locations near Bonn after receiving word of a
terrorist threat against the U.S. Embassy, but no evidence of a planned attack was found, officials said

Wednesday.

officials officials, found, officials, Wednesday, a planned attack

BONN, Germany (AP) _ German police raided several locations near Bonn after receiving word of a
terrorist threat against the U.S. Embassy, but no evidence of a planned attack was found, officials said

Wednesday.

wednesday found, officials, Wednesday:

BONN, Germany (AP) _ German police raided several locations:near Bonn after receiving word of a
terrorist threat against the U.S. Embassy; but.no-evidence-of a planned attack was found, officials said

Wednesday.

explosives the sites, stockpiled; found, arms, explosives

The agency said it had received "“credible information" that Middle East terrorists had stockpiled

arms and explosives at the sites, but none were found.

the sites the sites, found, arms, explosives

The agency said it had received "“credible information" that Middle East terrorists had stockpiled

arms and explosives at the sites, but none were found.

E -4

a suspected top aide Mamdouh Mahmud Salim, A suspected top aide, bin Laden

A suspected top aide of bin Laden, Mamdouh Mahmud Salim, is jailed in Germany pending a U.S.

extradition request, raising concern about reprisals on German soil.

bin laden Mamdouh Mahmud Salim, jailed, A suspected top aide, bin Laden

A suspected top aide of bin Laden, Mamdouh Mahmud Salim, is jailed in Germany pending a U.S.

extradition request, raising concern about reprisals on German soil.

Mamdouh Mahmud bin Laden, Mamdouh Mahmud Salim, jailed, A suspected top aide,

Salim Germany
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A suspected top aide of bin Laden, Mamdouh Mahmud Salim, is jailed in Germany pending a U.S.

extradition request, raising concern about reprisals on German soil.

44

*

¥

u.s. authorities U.S. authorities, charge, Salim

U.S. authorities charge Salim helped finance, train and arm members of a terrorist organization,

including the alleged bombers of the U.S. embassies in Kenya and Tanzania.

salim finance, U.S. authorities, charge, Salim, helped

U.S. authorities charge Salim helped finance, train and arm members of a terrorist organization,

including the alleged bombers of the U.S. embassies in Kenya and Tanzania.
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terroristic event

FoEY A EARER I hi & F 2 ¥ (BinLaden) ik

i
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SREALY RS PEA TS E P e B G AR F R 0 EE A LY gt

SR ARR 0 FI SR BRI MARFARAE BB HF Y > LET T

S+

69 1,943 BiEs o £ 4 573 BREA T ALA HI £ F 29.40%Pr & ik A #

T 3ot 23 hprd ¢ s H Y ERA

% dich 50 BUFEIE S -

(1)SIMs; = Words Match
=sim ( Match_Word, Clusterj)/L _of S
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BONN, Germany (AP) _ German police raided several locations near Bonn after

receiving word of a terrorist threat against the U.S. Embassy, but no evidence of a planned
attack was found, officials said Wednesday. (37— #%)

Police, including agents of an elite anti-terrorist unit, checked several suspects during
raids in an industrial zone and other sites Tuesday, but no arrests were made, said Eva

Schuebel, spokeswoman for the Federal Prosecutor's Office in Karlsruhe. (57 #%)

The agency said it had received “credible information" that Middle East terrorists had
stockpiled arms and explosives at the sites, but none were found. (37= %)

said. (7= #%)

The agency's investigation is continuing, Schuebel said. (37— #%)
““For now, we can no longer speak of an immediate threat to the U.S. Embassy,"" she

The embassy had no comment. (57— %)

Security was tightened at U.S. installations worldwide after the Aug. 7 bombings of the

U.S. embassies in Kenya and Tanzania. (57= ##)Saudi dissident Osama Bin Laden is wanted
by U.S. officials for those attacks. (7= }¥)
A suspected top aide of bin Laden, Mamdouh Mahmud Salim, is jailed in Germany

(57= #9)

pending a U.S. extradition request, raising concern about reprisals on German soil. (7= #%)
organization, including the alleged bombers of the U.S. embassies in Kenya and Tanzania.

U.S. authorities charge Salim helped finance, train and arm members of a terrorist

In September, German police stepped up security at the U.S. consulate in Hamburg
after receiving a tip about a possible threat. (37= %)

Source:d30005t\APW19981104.0772.xml
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suspect ~ credible information) > & 3 B * 4% 52 J= Mamdouh Mahmud Salim 4
i °
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4 > F@ kB T % > F & (Security was tightened ~ stepped up security) - p F @
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BONN, Germany (AP) _ German police raided several locations near Bonn after
receiving word of a terrorist threat against the U.S. Embassy, but no evidence of a planned
attack was found, officials said Wednesday. (37— £%)

Police, including agents of an elite anti-terrorist unit, checked several suspects during
raids in an industrial zone and other sites Tuesday, but no arrests were made, said Eva
Schuebel, spokeswoman for the Federal Prosecutor's Office in Karlsruhe. (4 53 %)

The agency said it had received “credible information" that Middle East terrorists had
stockpiled arms and explosives at the sites, but none were found. (37— #%)

The agency's investigation is continuing, Schuebel said. (+ 53 %)

““For now, we can no longer speak of an immediate threat to the U.S. Embassy," she
said. (# 57 #%)

The embassy had no comment. (# 55 £%)

Security was tightened at U.S. installations worldwide after the Aug. 7 bombings of the
U.S. embassies in Kenya and Tanzania. (5 57 ##)Saudi dissident Osama Bin Laden is wanted
by U.S. officials for those attacks. (% 57 #¥%)

A suspected top aide of bin Laden, Mamdouh Mahmud Salim, is jailed in Germany
pending a U.S. extradition request, raising concern about reprisals on German soil. (37~ #%)

U.S. authorities charge Salim helped finance, train and arm members of a terrorist
organization, including the alleged bombers of the U.S. embassies in Kenya and Tanzania.
(57= 1)

In September, German police stepped up security at the U.S. consulate in Hamburg
after receiving a tip about a possible threat. (F 77 %)
Source:d30005t\APW19981104.0772.xml
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BONN, Germany (AP) _ German police raided several locations near Bonn after receiving
word of a terrorist threat against the U.S. Embassy, but no evidence of a planned attack was
found, officials said Wednesday.

Source : d30005t1\APW19981104.0772.xml

term German raided several Bonn receiving word
police locations
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PRAOTHRE SN T2 R IR e S g 40% o A TRk
%t ROUGE-L #kcfperp 8 A7 % b B8 58T - Ho 4ot
ROUGE 7 #3384 7% & B33 F § 95%7 7 & (Confidence)#7 2 & i
e £ & - Mbest summary | % & R %4 DUC2003 # 4f & v Fenig % ¢ i o
#cyy o Tworst summary § RIS A v 55 ¢ B X el o & ROUGE-L # A4p 4
BT UAPDD ZAPAERE T UG BT F > BT R L G

%\'Iﬁ‘u{] %ﬁj"

5w ID ROUGE-1 ROUGE-L
PEEE ] d30003t 0.35063 0.39507
B > 5 d30005t 0.27859 0.38121
RS 12 d30010t 0.32731 0.35775
S d30012t 0.24443 0.27373
B % 2 4E d30016t 0.31527 0.32703
EEN S d30020t 0.23395 0.28419
FERFULS d30025t 0.31285 0.33994
L gE d30028t 0.33821 0.42465
B > 5 d30034t 0.29357 0.35089
ok SR d30040t 0.30562 0.34715
B d30042t 0.29996 0.35292
s d30044t 0.31581 0.38067
ie RAR d30048t 0.36478 0.43923
ENE I £ iy ) d30050t 0.29632 0.35122
PEEE ] d30051t 0.31878 0.37256
SEE] d30056t 0.35821 0.42973
R d31001t 0.32405 0.38223
7 ORHE d31002t 0.31572 0.38734
FTipHg d31009t 0.34361 0.40287
R R d31010t 0.34587 0.41917
R R d31011t 0.36746 0.42456
SEx d31013t 0.37903 0.42989
=g d31022t 0.26978 0.30978
hEE~) d31027t 0.37912 0.43031
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N+ d31028t 0.36601 0.40975
oo R d31031t 0.28585 0.35312
FLEEE d31033t 0.34481 0.39964
B A5 d31038t 0.34787 0.40612
hzpey-3 d31041t 0.29571 0.35778
ENE I & iy ) d31050t 0.33189 0.40396
Average 0.32403 0.381149
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FEUZR2 PP FERFAE S PBLIRFFEAY 2 ERPHR S
o2 @I ogEhg k2 b
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