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\Vector Machine
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Abstract

We propose a kind of method based on “the original space of characteristic
definition”, and use Support Vector Machine (SVM) to set up an Automated Chinese
Essay Scoring System (ACESS) in this thesis. In addition, we also discuss the
probably existed attacks on ACESS and propose a detection model based on Google
Search to responsible for avoiding the system from critical scoring mistakes caused by
the article of premeditatedly attacking systematic shortcomings.

The ACESS we proposed in this thesis can be as a tool used while helping the
teacher to score the composition. According to the experimental results, the perfect
exact rate of this system performance can be up to 55.2% and the adjacent rate under

permitting a point of errors can be up to 96.82%.
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F1y¢ (-#FLa) 0.00 % 77.99 %
Flgpes(=4T118) 36. 60 % 03.33 %
Flg,s(=4F148) 43.33 % ol. 14 %
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Z P(Precision) ™ & >~ g | = A 1 T A A 85 F 34.57% —>68.29% ~37.14%
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MicroP 38.46 % 55.20 %
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MicroF'1 38.46 % 55.20 %
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