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A Case Study of Taipei MRT Company
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Abstract

This paper proposes an agorithm to improve the efficiency for solving the drivers
scheduling problem of the Taipe MRT company. We formulate this problem as a
set-partitioning problem. A three phases algorithm, column generation , branch-and-bound,
and heuristic local search, isthen developed for solving this model.

We use the real cases of the Taipe MRT company as the numerical examples. The
results show that our algorithm could get better solutions with higher operational feasibility
than the current one does.
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